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MARKETING | RESEARCH ARTICLE

Are men from mars, women from venus? 
Examining gender differences of consumers 
towards mobile-wallet adoption during pandemic
Ahmad S. Ajina1, Hafiz Muhammad Usama Javed2, Saqib Ali2* and Ahmad M. A. Zamil1

Abstract:  The post-covid-19 era has witnessed the need for mobile-wallet app 
adoption due to non-physical transactions. Prior researchers have captured consu-
mers’ mobile-wallet adoption by involving facilitators or inhibitors. The detailed 
effect of facilitators and inhabitations in developing consumers’ intention regarding 
mobile-wallet apps in a single model remain untapped in the marketing literature. 
The current study used two lenses: behavioral reasoning theory and gender schema 
theory, to investigate reasons for and against mobile-wallet adoption in Pakistan. 
For this purpose, two independent but relevant studies were performed. Study 1 
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involved respondents from the Punjab province, while study 2 mainly focused on the 
other three provinces of Pakistan, i.e., Sindh, Baluchistan and Khyber Pakhtunkhwa. 
PLS was used for SEM and Multigroup analysis. Study 1ʹs results revealed that 
attitude significantly influences intention. Moreover, “reason for” and “reason 
against” significantly affect consumers’ attitudes and intentions for mobile-wallet 
app adoption. Study 2 confirmed the results of study 1 and provided significant 
differences between males and females regarding mobile-wallet adoption. Such as, 
males have a more substantial influence on mobile-wallet apps’ adoption than 
females.

Subjects: Gender Studies - Soc Sci; Consumer Psychology; Information Technology 

Keywords: Mobile-wallet; behavioral reasoning theory; gender schema theory; Pakistan

1. Introduction
The fast expansion of Internet technology radically alters consumers’ retail and shopping experi-
ences (Lee et al., 2022; Lim et al., 2021). During the last decade, consumers’ preferences in retail 
payments have steadily switched from traditional payment methods toward innovative mobile- 
based payment solutions (Verkijika, 2020). Mobile-based payment solutions have been widely used 
for retail payments as mobile commerce and online shopping has grown. The notion of a mobile 
wallet emerges as an enhanced method of financial transactions in the scope of mobile-based 
payments. Mobile-wallet has changed the face of e-commerce and financial services enormously. 
Mobile-wallet is a digitalized replacement for traditional wallets that use phone storage to hold 
digital money and cards (B. Shaw & Kesharwani, 2019). Faster payments, security, bulk payments, 
reduced fraud, carrying less cash, efficiency and time-saving, and so on are all advantages of 
mobile wallets (Sharma et al., 2018). However, even though mobile wallets have established 
a foothold in the retail consumer market for mobile-based payments in the previous decade, 
they have not yet experienced significant growth (Verkijika, 2020).

In the same vein, recent research has revealed that, except for a few early adopters, reaching 
widespread adoption of mobile-wallet is still a long way, despite delivering various benefits (Leong 
et al., 2020a). The adoption and acceptance of mobile-wallet around the world are quite low. 
Pasquali (2023) reports that the percentage of merchants embracing mobile-wallet payment 
solutions rose from 24% to 29% between 2015 and 2018. However, only 39% of all smartphone 
users worldwide own an m- wallet mobile account. This reflects that the mobile-wallet market is 
still in its infancy stage, indicating substantial consumer resistance towards mobile-wallet adop-
tion. Therefore, empirical research is needed to identify the significant predictors precisely because 
the COVID-19 pandemic forced consumers to adopt mobile-wallet for payments because there is 
a growing concern about handling potentially contaminated cash (Daragmeh et al., 2021) .

Most of the existing studies have independently studied the motives or facilitating factors that 
influence mobile-wallet adoption (Chatterjee & Bolar, 2018; Chawla & Joshi, 2019, 2020a, 2020b; 
B. Shaw & Kesharwani, 2019), as well as the inhibitors or barriers that prevent consumers from 
adopting mobile-wallet (Leong et al., 2020a; Sharma et al., 2018). Researchers should concentrate 
on both aspects, including the facilitators (i.e., acceptance) and the inhibitors (i.e., resistance) of 
any invention, action or behavior (Sahu et al., 2020). This is because both factors are quantitatively 
different, and these factors affect consumer decision-making in diverse ways. To our understand-
ing, no previous empirical research has comprehensively studied both aspects (acceptance/resis-
tance) of mobile-wallet in a single framework. Hence, this research employs a novel consumer 
behavior model, behavioral reasoning theory (BRT; Westaby, 2005b), which allows researchers to 
test acceptance and resistance factors in a unified framework to understand consumers’ inten-
tions to adopt mobile wallets. Therefore, this study aims to narrow down this gap.
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In this study, the second gap indicates that consumers’ attitudes about mobile-wallet may not 
be gender-specific. Studies on technology acceptance and usage have proven that men and 
women use technology differently and have differing self-perceptions towards technology (e.g., 
women are more likely to become technophobes, whereas men are more prone to become 
technophiles; Sobieraj & Krämer, 2020). In addition, gender schema theory (GST) asserts that 
information is processed and interpreted differently, as gender is a fundamental difference 
between individuals (Bem, 1981). From a theoretical point of view, most of the past research has 
shown the digital divide between men and women regarding technology-related behavior. From 
practitioners’ perspective, it is vital to study gender differences because they are considered an 
important basis for market segmentation. Thus, examining the gender differences in the mobile- 
wallet context is warranted because gender is often one of the most important variables to 
consider when developing marketing strategies.

In light of the preceding debate, this study contributes incrementally to the domain in two ways, 
first, by studying the facilitators and inhibitors in consumers’ decision-making towards mobile- 
wallet adoption. It assists marketers, policymakers, and other stakeholders understand accep-
tance and resistance factors towards mobile-wallet adoption. Secondly, this study also considers 
how genders (i.e., men vs women) respond differently towards mobile-wallet adoption in the 
studied associations. It provides insights to marketers to design appropriate marketing strategies 
to enhance mobile-wallet adoption.

Pakistan was selected as the context of the present study because, In Pakistan, demonetization 
has boosted digital payments and prompted people to go cashless. Through this move, govern-
ment intends to remove counterfeited money, remove black money, prohibit money laundering to 
terrorist operations and create a cashless economy. We can unlock $36 billion in digital finance 
potential through mobile-based payment solutions in Pakistan. A 7% increase in GDP created 
4 million jobs with the widespread adoption of digital payments in Pakistan. Despite having one 
of the fastest-growing internet savvy populations in the world, Pakistan has a low adoption of 
mobile-based payments. In Pakistan, just 18% of the population uses digital payments. In 
Pakistan, a single digital transaction is made every year, compared to 5 in India and 7 in 
Indonesia (Saeedi, 2019). Pakistan may outpace its counterparts by accelerating digital payments.

2. Literature review

2.1. Behavioral reasoning theory (BRT)
The existing studies discuss that it is necessary for organizations to understand better whether, 
when and why individuals will adopt innovative technology (Gupta & Arora, 2017a; Pillai & 
Sivathanu, 2020; Sahu et al., 2020). Prior research has investigated the consumers’ adoption of 
innovation from a different theoretical lens, including the theory of reasoned action (TRA), theory 
of planned behavior (TPB), diffusion of innovation theory (DOI), and technology acceptance model 
(TAM). However, these theories have been critiqued since they primarily focus on acceptance- 
related determinants while ignoring the variables that relate to customer resistance (Claudy et al.,  
2015; Gupta & Arora, 2017a; Sahu et al., 2020). It is crucial to include the barriers to consumption 
in any theoretical model because it enables the researchers to analyze the various thoughts 
mechanisms that consumers use to develop their attitudes and intentions (Westaby, 2005b).

The past literature has demonstrated that innovative products/services fail significantly due to 
low concentration on numerous causes of individuals’ resistance to adoption (Antioco & Kleijnen,  
2010). In the case of mobile-wallet, the situation is similar, as most previous research has 
concentrated on positive determinants that affect the intentions to use mobile-wallet. 
Subsequently, the consumers’ willingness to adopt mobile-wallet is limited. Therefore, policy-
makers are increasingly concerned about the issue to be examined as early as possible. To meet 
this demand, researchers agree that new behavioral models must be identified, developed and 
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used promptly to provide a complete picture of determinants that drive individuals’ acceptance 
and resistance to adopting innovative technology (Claudy et al., 2015).

Moreover, BRT is considered a theoretical model which allows practitioners and academicians to 
determine the impact of reasons, involving “reasons for” and “reasons against”, on individuals’ 
intentions to adopt innovative technology (Claudy et al., 2015; Gupta & Arora, 2017a; Westaby,  
2005b). BRT differs from other acceptance research models since the latter considers the “reasons 
for” adopting any innovation. Researchers have argued that the “reasons against” inhibiting 
innovative technology are not always the reverse of the “reasons for” adopting it (Claudy et al.,  
2015; Gupta & Arora, 2017b; Pillai & Sivathanu, 2020). It indicates that adoption facilitators and 
inhibitors may not be rational opposites (Westaby et al., 2010). However, a complete understand-
ing of consumers’ consumption behavior prompts an evaluation of both “reasons for” and “reasons 
against”.

In the same vein, BRT not only enables researchers to differentiate between the “reasons for” 
and “reasons against” but also allows them to test the impact of various cognitive routes (through 
the reason for and against) on individuals’ intentions and behavior through the use of a unified 
decision-making model (Claudy et al., 2015; Gupta & Arora, 2017a, 2017b; Pillai & Sivathanu, 2020). 
Subsequently, BRT describes behaviors more thoroughly than other theoretical models by adding 
context-specific reasons which assist the individuals in rationalizing their behaviors (Tandon et al.,  
2020; Westaby, 2005b; Westaby et al., 2010).

Besides, BRT establishes the empirical relationship between “values, reasons for, reasons 
against, attitude, and intentions.” Based on the above reasons, present empirical research has 
demonstrated that BRT can account for a higher proportion of variation in user intentions than 
alternative acceptance models (Claudy et al., 2015; Gupta & Arora, 2017a; Tandon et al., 2020). 
Academics have used BRT to study consumer behavior in a various fields, including food waste 
(Talwar et al., 2021), brand love (Sreen et al., 2021), innovation adoption (Chatzidakis & Lee, 2013; 
Claudy et al., 2013, 2015; Westaby et al., 2010) and mobile banking (Gupta & Arora, 2017a, 2017b). 
In short, these previous studies indicate that BRT provides a unified and comprehensive framework 
for determining the consumers’ attitudes, intentions and behavior (Gupta & Arora, 2017b; Ryan & 
Casidy, 2018).

2.2. Research model and hypotheses development

2.2.1. Research model 
BRT is used as a baseline theory in this study to develop a research model for understanding 
mobile-wallet behavior. BRT comprises four primary components: values, reasons, attitude and 
intentions. Behavioral intention refers to the consumers’ predisposition to perform a task or an 
action (M. J. Kim et al., 2018). In contrast, an attitude refers to the degree of evaluation of 
favorable or unfavorable consequences of behavior. e.g., if a person has a favorable attitude 
toward a particular behavior, then he or she is more prompt to involve in that behavior. On the 
other hand, a negative evaluation of the consequences will certainly result in disengagement 
(Sreen et al., 2021; Talwar et al., 2021; Westaby et al., 2010).

Moreover, BRT asserts that individuals’ cognitive processing behavior is dominated by reasoning 
(Claudy et al., 2015). Based on the theory of reasons and explanation-based decision-making 
theory, it is argued that reasons are the strongest determinants of attitude that lead to behavioral 
intention (Westaby, 2005b). Consistent with the reasoning theories, individuals have compelling 
“reasons for” and “reasons against” involved in a particular behavior that enables them to defend 
their tasks. As a result, additional variables associated with behavioral intention are also activated. 
In addition, the “reasons” are divided into two distinct sub-categories: “reasons for” and “reasons 
against,” which in the previous literature have also been identified as adoption (facilitators) and 
resistance (inhibitors) factors (Gupta & Arora, 2017a; Westaby, 2005b). However, reasons consist of 
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different context-specific variables that may facilitate to better understand the individuals’ inten-
tions (Claudy et al., 2015; Sreen et al., 2021; Westaby, 2005b).

In addition, values are abstract cognition that gives a complete code of life and is essential in 
determining an individual’s attitude (Austin & Vancouver, 1996; Dreezens et al., 2005). Besides, it is 
considered that values are firmed believes that influence the individual’s behavior. As a result, 
value is regarded as a primary element in BRT.

Moreover, based on hypotheses, associations among variables are depicted in the existing 
theoretical framework (see Figure 1). Second-order measures the “reasons for” and “reasons 
against.” “Perceived susceptibility, perceived severity, perceived ease of use, and perceived useful-
ness” were used to measure the “reason for”, while risk, value, usage and tradition barriers were 
used to measure the “reason against.” The value (i.e., openness to change), ATT and intentions 
towards mobile-wallet were determined using single-order.

2.2.2. Hypotheses development 
2.2.2.1. Attitude and intentions. Attitude refers to “a psychological tendency that is expressed by 
evaluating a particular entity (e.g.-innovation) with some degree of favor or disfavor” (Eagly & 
Chaiken, 1998, p. 1). Most behavior models try to predict intention since it is widely regarded as 
a strong predictor of subsequent behavior. Previous studies argue that a favorable attitude 
positively and significantly related to individual’s intentions to perform a particular task (Gupta & 
Arora, 2017a; Sreen et al., 2021; Talwar et al., 2021; Tandon et al., 2020). In the contexts of 
internet banking (Hanafizadeh et al., 2014) and mobile banking (Giovanis et al., 2019; Gupta & 
Arora, 2017a, 2017b; Samat et al., 2022; Wessels & Drennan, 2010; Zamil et al., 2022) it has been 
found that attitude is considered as one of the significant predictors of new technology adoption. 

Figure 1. Measurement model 
PLS-algorithm (study 1).
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H1: Attitude towards mobile wallet significantly and positively associated with mobile-wallet 
adoption intentions.

2.2.2.2. Reason for, attitude and intentions. In the case of specific behavior, “reasons for” were 
considered facilitators or motivators capable of eliciting positive feelings among customers. This 
study selected the “reason for” using mobile-wallet to be comprised of “perceived susceptibility to 
covid-19, perceived severity of covid-19, perceived ease of use, and perceived usefulness” because 
previous studies on mobile wallet have emphasized the significance of these four reasons 
(Ahadzadeh et al., 2015, 2017; CC & Prathap, 2020; Chawla & Joshi, 2020a). Besides, this study 
also identified similar context-specific reasons based on the reason elicitation process (For details 
on reasons elicitation see, section 3.1.3)

Individuals’ adoption of mobile payment can be deemed a preventive healthcare practice, as it 
protects them from becoming infected through direct and face-to-face contact with others during 
the pandemic. Based on reasons elicitation, it is considered that individuals’ beliefs regarding 
susceptibility and severity of pandemic disease influence their decision to initiate particular pre-
ventative action. Perceived susceptibility to COVID-19 represents “a person’s view of the likelihood 
of experiencing a potentially harmful condition.” On the other hand, perceived severity represents 
“how threatening the condition is to the person” (Champion, 1984). Previous studies has examined 
the association between perceived susceptibility, perceived severity and users’ intentions to adopt 
technology while investigating the intention towards mobile health services (Dou et al., 2017; Sun 
et al., 2013; Wei et al., 2020; Zhao et al., 2018). Moreover, Alaiad et al. (2019) argued that 
individuals who perceive m-payment as beneficial demonstrate a positive attitude toward using 
mobile-wallet when considering health risks.

Different theories, including the technology acceptance model, have examined technology- 
related behavior in various studies involving the internet, computer use and health. Moreover, it 
is deemed that perceived ease of use and perceived usefulness influence the individuals’ decision 
towards technology adoption (i.e., mobile wallet). The PEOU and PU are significant predictors of 
individuals’ attitudes and behavioral intentions towards technology adoption. In the mobile-wallet 
context, PEOU is defined as the users’ belief that there is the minimum effort required to use and 
learn mobile wallets. In contrast, PU refers to the belief that using mobile wallets will improve his 
or her performance. Perceived susceptibility to COVID-19, perceived severity of COVID-19 
(Ahadzadeh et al., 2015; CC & Prathap, 2020), PEOU and PU (Ahadzadeh et al., 2018; Chawla & 
Joshi, 2020a; Davis, 1989), the four factors make up the cognitive belief component of technology 
usage, since they determine people’s attitudes toward innovative technology and influencing their 
usage level.

Previous studies recommended that “reasons for” were a crucial measure in influencing con-
sumer behavior in a different context (Claudy et al., 2015; Sahu et al., 2020; Tandon et al., 2020; 
Westaby et al., 2010). For instance, “reason for” using a mobile wallet has a significant and positive 
association with consumer attitudes and intentions (CC & Prathap, 2020; Gupta & Arora, 2017a,  
2017b). Consequently, the “reason for” are related to positive attitude and intentions towards 
using mobile-wallet. Based on the above discussion, researchers develop the following hypotheses: 

H2: “Reasons for” significantly and positively associated with attitude towards mobile-wallet 
adoption.

H3: “Reasons for” significantly and positively associated with intentions towards mobile-wallet 
adoption.
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2.2.2.3. Reasons against, attitude and intentions. The “reasons against” are jointly deemed as 
inhibitors, as they can develop unfavorable attitudes towards involving in a particular behavior 
(Sreen et al., 2021). The previous studies adopted extensive use of the widely accepted psycholo-
gical theory of innovation resistance (IRT) to investigate “reason against” factors of the BRT 
research model (Kaur et al., 2020; Ram & Sheth, 1989; Talwar et al., 2020). IRT proposed five 
“reasons against” or inhibitors/barriers to involvement in a particular behavior: risk, value, usage, 
image and tradition (Ram & Sheth, 1989). The reason elicitation process revealed that the image 
barrier was not a barrier in this community (For details on reasons elicitation, see, section 3.1.3.) 
Due to this, the existing study examined the four barriers or inhibitors: risk, value, usage and 
tradition barrier.

However, the risk barrier refers to the degree of uncertainty and unpredictability involved with 
innovation (P. T. Chen & Kuo, 2017). Besides, it addresses the resistance that arises due to the 
uncertainties that are an intrinsic element of any invention (Kaur et al., 2020). For instance, in the 
context of mobile-wallet, individuals perceive risk associated with making errors during electronic 
transactions because they may be unfamiliar with these procedures (Kaur et al., 2020). Such 
barriers are significantly and negatively associated with individuals’ intentions towards mobile- 
wallet adoption (Gupta & Arora, 2017b; Kaur et al., 2020; Marett et al., 2015; Sivathanu, 2018c).

In our framework, the value barrier is perceived as the most crucial determinant of “reason 
against.” Value barriers are defined as resistance caused by discrepancies with the established 
value system, most notably in balancing the expense of utilizing and learning the innovation against 
the delivered benefits (Morar, 2013). Thus, the likelihood of mobile-wallet adoption would rise in 
proportion to its relative benefits (Kaur et al., 2020). The value barrier is significantly related to the 
perceived monetary benefits individuals receive (Talwar et al., 2020). Previous studies confirmed that 
the value barrier significantly and negatively associated with consumers’ intentions towards mobile- 
wallet adoption (Leong et al., 2020b; Sivathanu, 2018c; Talwar et al., 2020).

Usage barriers arise when innovation is incompatible with existing practices, workflows, or 
habits, and it is the primary source of consumer resistance to adopting innovation (Laukkanen 
et al., 2007). In the context of mobile-wallet, the usage barrier determines the resistance created 
by the efforts needed to learn the app’s functionality (Talwar et al., 2020). Previous studies have 
found a significant negative association between usage barriers and individuals’ intentions to 
adopt mobile-wallet (Kaur et al., 2020; Moorthy et al., 2017; Talwar et al., 2020).

Tradition barriers are defined as obstacles created by innovation when it disrupts a user’s 
culture, current routine, or behavior (El Badrawy et al., 2012). In mobile-wallet, tradition barriers 
exist when consumers come to perform banking transactions. They may prefer to use traditional 
banks instead of mobile-wallet since they are more familiar with the former (Laukkanen, 2016; 
Park & Kim, 2016). Additionally, a tradition barrier inhibits individuals from adopting mobile-wallet 
(Dasgupta et al., 2011; Lian & Yen, 2013). Previous literature indicates that tradition barriers 
significantly negatively impact individuals’ adoption intentions towards mobile-wallet (Antioco & 
Kleijnen, 2010).

Prior empirical research has found a negative association between “reasons against” and 
customer attitudes and intentions (Dhir et al., 2021; Sreen et al., 2021; Westaby et al., 2010). For 
example, “reason against” using mobile-wallet negatively affects consumers’ attitudes and inten-
tions (Gupta & Arora, 2017a, 2017b; Kaur et al., 2020; Leong et al., 2020b). As a result, a similar 
negative relationship with mobile-wallet is likely to be perceived. Based on the above discussion, 
the researchers hypothesize that: 

H4: “Reasons Against” significantly and negatively associated with attitude towards mobile-wallet 
adoption.
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H5: “Reasons Against” significantly and negatively associated with intentions towards mobile- 
wallet adoption.

2.2.2.4. Value and attitude. Schwartz (2012) defined values as “Values are critical motivators of 
behaviors and attitudes.” The current study used openness to change towards mobile-wallet as 
consumer value of the BRT model. Schwartz (1992) proposed the value (i.e., openness to change) 
that “motivates people to follow their intellectual and emotional interest in unpredictable and 
uncertain directions.” It consists of two key components: 1) stimulation: it indicates the need for 
excitement, variety, and novelty 2) self-direction: it represents the need for autonomy and inde-
pendence. Besides, consumers with a high level of “openness to change” are more likely to engage 
in online purchasing and are willing to try new technologies (Raajpoot & Sharma, 2006; Wu et al.,  
2009). Moreover, researchers argued that values and beliefs might directly influence attitude as, in 
certain instances, reasons may not have been completely triggered, and users may depend upon 
intuitive motives (Westaby, 2005b). Similarly, consumers may develop attitudes toward certain 
objects without defending their intended behavior. Additionally, the previous studies in the domain 
of consumer behavior confirm the significance of values in buying decision-making (Gupta & Arora,  
2017a; Kahle et al., 1986; Rokeach, 1973). Previous studies have found that values significantly 
influence individuals’ attitudes towards adopting technology/innovation (Claudy et al., 2015; 
Schwartz, 2012; Westaby, 2005a, 2005b). 

H6: Value (Openness to change) is significantly and positively associated with attitude towards 
mobile-wallet adoption.

2.2.2.5. Values and reasons. “Values are one important, an especially central component of our 
self and personality, distinct from attitudes, beliefs, norms, and traits” (Schwartz, 2012). 
S. Schwartz (2006) defined values as motivational constructs that allow individuals to pursue 
and achieve their desired goals. However, values direct an individual in examining and selecting 
different behavior. Based on the theory of explanation-based decision-making proposed by 
Pennington and Hastie (1988), the reasons theory explained by (Westaby, 2005a) and BRT postu-
lates that deep-rooted values significantly influence reasoning (Westaby, 2005b). Previous 
research has confirmed the association between value (i.e., openness to change), and the reason 
for and against (Gupta & Arora, 2017a; Sivathanu, 2018c). As stated above, “reasons for” positively 
and “reasons against” are negatively related to attitude (Claudy et al., 2015; Gupta & Arora, 2017b,  
2017a). While referencing previous research on innovation, consumers adopt innovations if it 
aligns with their personal beliefs (Claudy et al., 2013). Thus, researchers formulated the hypothesis: 

H7: Value (openness to change) is significantly and positively associated with the “reason for” 
towards mobile-wallet adoption.

H8: Value (openness to change) is significantly and negatively associated with “reason against” 
towards mobile-wallet adoption.

3. Study 1

3.1. Method

3.1.1. Participant and procedure 
Study 1 was conducted in Punjab, a province of Pakistan, using a self-structured questionnaire. The 
questionnaire has been distributed among mall shoppers using the mall intercept survey method 
in two leading shopping malls (i.e., Emporium Shopping Mall and Packages Shopping Mall) in 
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Lahore (i.e., capital of Punjab). The mall intercept technique is commonly employed in marketing 
research (Leong et al., 2020b; Yani-de-Soriano et al., 2019) and applied in similar studies (Leong 
et al., 2020b). Interceptions were conducted at mall entrances and exits to avoid sample bias and 
obtain a diverse set of respondents, as suggested by Khong and Ong (2014). Moreover, the survey 
method is appropriate for our aims as it allows the researchers to assess and confirm the eligibility 
of target responders and solicit clarification when necessary (Soriano et al., 2019).

Shoppers were recruited using a non-probability sampling technique (i.e., purposive sampling) to 
ensure that the sample provided relevant information while minimizing sampling error (Saunders & 
Lewis, 2017). The survey was undertaken during various times of the day (i.e., morning, afternoon 
and evening) for a week over two months between December 2020 and February 2021. J. Hair 
et al. (2010) proposed that the 1:5 ratio of sample size criterion should be maintained in consumer 
studies. The current study’s questionnaire has 33 items (i.e., 33*5 = 165). Additionally, Nulty (2008) 
proposed that the ideal response rate for a research questionnaire in a consumer study ranges 
between 40% and 60%. A total of 327 valid responses were attained among 600 approached 
shoppers, yielding a response rate of 54.5%. Moreover, a sample size of 327 is perceived as 
sufficient, surpassing the minimum required sample size. The demographic information of respon-
dents is given in Table 1.

3.1.2. Ethical considerations 
Ethical concerns are one of the most crucial aspects of the research. Ethical considerations are 
usually considered necessary when considering the human element in the study. During participa-
tion, the researcher or data collection team must uphold the respondents’ rights (i.e., human 
rights), such as autonomy, confidentiality, and anonymity (Neuman, 2003). This study complied 
with ethical guidelines to enhance its effectiveness, as Polonsky (1998) recommended. The pur-
pose of the study was presented to the respondents before data collection. In addition, respon-
dents were told that the data acquired would be utilized exclusively for academic purposes. 
Respondents were invited to respond willingly and were free to leave the study anytime. The 
respondents were informed that there were no “right” or “wrong” answers and that their anon-
ymity would ensure that their responses would be kept confidential and analyzed only in the 
aggregate. The ethical consideration for data collection is followed in both study 1 and study 2.

3.1.3. Measures 
This study employed a quantitative technique and acquired responses from mall shoppers via 
a questionnaire survey. All of the items were adapted from previous studies. The value scale (i.e., 
openness to change) was assessed with three borrowed items (Gupta & Arora, 2017a). The scale 
for perceived susceptibility to covid-19 (three items), and perceived severity of covid-19 (three 
items) were adapted from (J. Kim & Park, 2012; Saleeby, 2000), whereas perceived ease of use 
scale (three items), and perceived usefulness scale (three items) were borrowed from 
(Bhattacherjee, 2001; Davis, 1989; Garay et al., 2019). Similarly, a three-item scale was employed 
to measure the risk barrier scale (three items), value barrier scale (three items), usage barrier scale 
(three items), and tradition barrier scale (three items), which were adopted from (Laukkanen,  
2016). On the other hand, the attitude scale (three items) and Intentions (three items) scale 
were borrowed from (Fishbein & Ajzen, 1975; Wong et al., 2012). The variables were measured 
using a seven-point Likert scale. This scale is used to strengthen the reliability and validity of the 
instrument (Bearden & Netemeyer, 1999; Foddy, 1994). This scale has more discriminatory power 
and a wide score distribution (Allen & Rao, 2000).

3.1.4. Reason elicitation 
This section of the study intends to elicit the reasons towards mobile-wallet adoption. It was 
decided to perform a qualitative study to determine RF and RA in the context of mobile-wallet. 
Extant research on BRT has employed the reason elicitation process to determine the reasons 
(Gupta & Arora, 2017b; Pillai & Sivathanu, 2020; Sivathanu, 2018a; Westaby, 2005a, 2005b; 
Westaby et al., 2010). Before finalizing the list of reasons, it was discussed with experts in this 
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field, such as top officials from Pakistan’s banking sector, including top managers from Askari 
bank, Allied bank, Bank Alfalah, Habib Bank, Meezan Bank, and Professors, having PhD degrees and 
comprehensive experience in research, from the Institute of banking and finance from Bahauddin 
Zakariya University, Multan Pakistan and Hailey college of commerce from Punjab University, 
Lahore Pakistan.

Twenty bank customers, including men and women in similar numbers, were approached in semi- 
structured face-to-face interviews to examine the RF adoption of mobile-wallet. Participants of various 
ages were included in this sample. To elicit the reasons, the process used by Westaby et al. (2010), 
Claudy et al. (2013, 2015), and Chatzidakis and Lee (2013) was adopted. The participants were asked 
to answer a list of reasons: why I will adopt a mobile wallet. On a scale of 0 to 3 (i.e., a four-point scale), 
participants were asked to assess how likely each following statement was to be the reason for 
mobile-wallet adoption. According to Westaby (2005a) and Oh and Teo (2010), the scale was cali-
brated with 0 representing “not a reason,” 1 representing “a somewhat influential reason,” 2 repre-
senting “influential reason,” and 3 representing “very influential reason.” The following are the top four 
reasons for mobile-wallet adoption: perceived susceptibility to covid-19, perceived severity of covid-19, 
perceived ease of use, and perceived usefulness.

A similar method was used to ascertain “reasons against” adopting mobile-wallet. A list of reasons 
for responding was offered to the participants: why I will not adopt mobile-wallet. As suggested by 
Westaby (2005a) and Oh and Teo (2010), the scale was calibrated with a value of 0 representing “not 
a reason,” 1 representing “a somewhat influential reason,” 2 representing “influential reason,” and 3 
representing “very influential reason.” As a result, four barriers to mobile-wallet adoption were 
identified: risk barrier, value barrier, usage barrier and tradition barrier.

Table 1. Demographic information of respondents (study 1)
Variables Categories Number Percentage
Gender Male 173 52.9

Female 154 47.1

Age (in years) Under 20 38 11.6

20–30 137 41.9

31–40 93 28.4

41–50 44 13.5

Above 50 15 4.6

Education Intermediate or below 44 13.5

Bachelor 131 40.0

Masters 136 41.6

Others 16 4.9

Occupation Government Sector 
Employee

54 16.5

Private Sector Employee 84 25.7

Self-Employed 107 32.7

Student 51 15.6

Unemployed 31 9.5

Monthly family income 
(in PKR)

≤25,000 38 11.6

250,001–50,000 116 35.5

50,001–100,000 83 25.4

100,001–150,000 51 15.6

> 150,000 39 11.9
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3.2. Data analysis and results
This study examined the theoretical framework using partial least square structural equation 
modelling (PLS-SEM). Osborne (2010) argued that statistical data mostly has normality concerns 
in social science studies. PLS-SEM is most frequently used in social science research to examine the 
measurement and structural model. It has more predictive power in analyzing complex theoretical 
frameworks with small and large sample sizes and non-normal data (Ali et al., 2018; J. F. J. Hair 
et al., 2017). The measurement model tests the instrument’s reliability and validity, while the 
structured model examines the structured relationships. The bootstrapping approach used over 
5000 re-samples to examine the path-coefficient, t-values and significance level as recommended 
by (Hair et al., 2011).

3.2.1. Common method variance (CMV) bias 
A cross-sectional survey was used to collect the data. A common method variance can bias the 
results. Harman’s single-factor test was used to evaluate the concerns regarding CMV biases 
(Podsakoff, MacKenzie, Lee, & Podsakoff, 2003). The CMV bias may become a concern if a single 
factor explains more than 50% of the total variance (Harman, 1976). Results revealed that a single 
factor demonstrated less than 50% of the total variance. Therefore, CMV bias was not 
a complicated issue.

3.2.2. Measurement model 
The measuring model is evaluated by examining the constructs’ reliability and validity. The 
composite reliability (CR) test assessed the constructs’ reliability. However, Table 2 indicates that 
CR values range from 0.777 to 0.898, suggesting that all constructs are more than 0.7 (DeVellis,  
2016). The convergent validity of constructs is examined using factor loadings and average 
variance extracted (AVE). The factor loadings and AVE must exceed 0.7 and 0.5, respectively, for 
each construct to achieve adequate convergent validity (Hair et al., 2016). The findings demon-
strate that all constructs surpassed the acceptable value limits (see Table 2 and Figure 1). 
Moreover, hetrotrait-monotrait ratios (HTMT) were used to determine the discriminant validity of 
all measures. The HTMT scores were less than 0.9 and significantly distinct from 1, indicating that 
constructs have discriminant validity (J. F. J. Hair et al., 2017; Henseler et al., 2014; see Table 3). 
Additionally, variance inflation factor (VIF) values were determined to identify the multi- 
collinearity concerns among variables. Results revealed that VIF values for all constructs are less 
than 3.3, indicating no multicollinearity issue (Kock & Lynn, 2012).

3.2.3. Structural model 
Researchers examined the goodness of fit using Standardized Root Mean Square Residual (SRMR) 
before determining the hypothesized relationships. The result shows that the SRMR value is 0.061, 
which is lower than the suggested value of 0.08 (Hu & Bentler 1998), indicating an acceptable fit.

After evaluating the model fit, proposed hypothesized associations were examined in the 
structural model. Table 4 revealed the path-coefficient (β) estimates, their corresponding t-value, 
p-value, coefficient of determination (R2), model’s predictive relevance (Q2) and effect size (f2). The 
associations between latent and observed variables are examined using one-tailed t-test criteria 
with a 95% confidence interval (t > 1.645 and p = 0.05). The results for the study 1 dataset reveal 
that all hypotheses are significant except for Value (i.e., openness to change) (H6: β = 0.056, 
t = 0.811 < 1.64, and P > 0.05) on RF, Value (H7: β = 0.080, t = 1.448 < 1.64, and P > 0.05) on RA and 
Value (H8: β = −0.066, t = 1.205 < 1.64, and P > 0.05) on attitude (see, Figure 1).

The next step is to determine the predictive power of the research model. As shown in Table 4, 
the coefficient determination (R2) for consumers’ intentions towards using mobile-wallet is 0.441, 
demonstrating that the model has weak predictive power (Hair et al., 2011). Similarly, the Q2 value 
for the research model is significantly above zero (0.311), indicating the model’s predictive rele-
vance (Chin, 2010; Hair et al., 2016). Moreover, Cohen (1988) proposed that f2 scores between 0.02, 
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Table 2. Measurement model (study 1)
1st Order 
Construct

2nd Order 
Construct

Items Loadings CR AVE

Value of 
Openness

VC1 0.729 0.868 0.688

VC2 0.861

VC3 0.890

Perceived 
Usefulness

PU1 0.586 0.788 0.559

PU2 0.821

PU3 0.813

Perceived 
Severity

P-SEV1 0.772 0.836 0.632

P-SEV2 0.892

P-SEV3 0.710

Perceived 
Susceptibility

P-SUS1 0.808 0.810 0.587

P-SUS2 0.740

P-SUS3 0.749

Perceived Ease 
of Use

PEU1 0.750 0.841 0.638

PEU2 0.786

PEU3 0.856

Reason For PU 0.654 0.834 0.560

P-SEV 0.835

P-SUS 0.818

PEU 0.667

Value Barrier VB1 0.887 0.862 0.678

VB2 0.856

VB3 0.717

Tradition Barrier TB1 0.771 0.777 0.541

TB2 0.611

TB3 0.810

Risk Barrier RB1 0.838 0.821 0.605

RB2 0.732

RB3 0.760

Usage Barrier UB1 0.836 0.897 0.744

UB2 0.884

UB3 0.868

Reason Against VB 0.713 0.819 0.533

TB 0.811

RB 0.726

UB 0.661

Attitude ATT1 0.861 0.871 0.692

ATT2 0.816

ATT3 0.817

Adoption 
Intention

AI1 0.859 0.898 0.747

AI2 0.863

AI3 0.870
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0.15, and 0.35 be deemed to have small, medium, and large effect sizes. The f2 values for the 
research model indicate that the effect size ranges between small and medium.

3.3. Discussion
The popularity of the mobile-wallet app has grown over the last decade, but the covid-19 urged 
consumers to adopt mobile-wallet apps for contactless transactions. For this purpose, the 
researchers used the BRT theory to assess the consumers’ intentions to adopt mobile-wallet 
apps. The developed framework provides the association of value, reasons (for and against), and 
attitude for adopting mobile-wallet apps. The relationship between reasons for and reason against 
and using intentions is also tested. This study used the PLS-SEM approach to test the hypotheses of 
the theoretical model. The empirical results found that “reasons for” strongly influence consumers’ 
attitudes and intention to use mobile-wallet apps in Punjab. Moreover, reasons against have an 
adverse effect on consumers’ attitudes and intentions.

The results reveal that [H1], which determines the positive association of attitude and intention 
towards mobile-wallet adoption, is supported. The results agree with previous research on mobile 
wallet apps (Chawla & Joshi, 2020a; Deb & Lomo-David, 2014; Lin, 2011). The findings suggested 
that a positive attitude towards mobile-wallet apps leads to the consumers’ behavioural intention.

In addition, [H2] and [H3] determined the positive relationship between reasons for attitude and 
intentions, supported by findings. The findings are consistent with the previous researchers (Claudy 

Table 3. Discriminant validity hetrotrait-monotrait (HTMT) criterion (study 1)
AI ATT PEU P-SEV P-SUS PU RB TB UB VB VOC

AI

ATT 0.545

PEU 0.331 0.612

P-SEV 0.779 0.566 0.504

P-SUS 0.816 0.616 0.512 0.626

PU 0.528 0.490 0.548 0.647 0.545

RB 0.556 0.549 0.618 0.747 0.814 0.488

TB 0.799 0.721 0.556 0.563 0.613 0.616 0.774

UB 0.360 0.525 0.628 0.416 0.363 0.348 0.404 0.562

VB 0.411 0.431 0.674 0.381 0.421 0.452 0.379 0.586 0.360

VOC 0.433 0.354 0.371 0.480 0.469 0.839 0.421 0.347 0.276 0.130

Table 4. Hypotheses testing (study 1)
H Beta 

Value
Std 

Error
t-value p-value Results R2 Q2 F2

H1 0.111 0.050 2.196 0.029 Supported 0.441 0.311 0.019

H2 0.357 0.101 3.528 0.000 Supported 0.069

H3 0.529 0.107 4.927 0.000 Supported 0.164

H4 −0.267 0.112 2.386 0.017 Supported 0.033

H5 −0.243 0.107 2.269 0.019 Supported 0.029

H6 0.056 0.069 0.811 0.418 Not Supported 0.004

H7 0.080 0.055 1.448 0.071 Not Supported 0.011

H8 −0.066 0.055 1.205 0.064 Not Supported 0.009
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et al., 2015; Tandon et al., 2020). Similarly, it is found that context-specific RF mobile-wallet 
adoption is as given: PU (Kapoor et al., 2022; Ly et al., 2022; Zamil et al., 2022), PEOU (Yang 
et al., 2023; Zamil et al., 2022), PSUS, and PSEV (Chai et al., 2022; Singh & Sharma, 2022) are 
significantly associated with consumers’ attitudes and intentions. Mobile-wallet apps are consid-
ered advantageous over traditional transactions due to their health issues and the usefulness of 
this digital mode. However, the second-order path coefficients for RF suggested that PSUS 
(B = 0.818) has the highest impact among other RF factors, which is a critical factor for the 
adoption of mobile-wallet apps. The possible reason for the results is that consumers typically 
change their behaviour due to their perceived susceptibility to a specific disease. In the covid-19 
pandemic, everyone is threatened by interacting with each other, which may drive consumers to 
adopt mobile-wallet as a coping strategy to deal with potential threats (Covid-19). That is why 
mobile-wallet app users stood at 62.7 million as of December 2020 end, which was 46.1 million 
accounts in December 2019. This rapid 36% annual growth was observed during the pandemic, 
representing the consumers’ primary motive behind using the mobile-wallet app. Moreover, 
mobile-wallet apps help consumers to manage their cash transactions with one click to buy 
from e-commerce websites or apps. Its perceived useability and easiness in online transactions 
motivate consumers to use mobile-wallet apps in this pandemic.

Moreover, [H4] and [H5] determine the negative relationship between RA, and attitude; RA and 
Intention. The results supported both hypotheses. The results agree with previous researchers who 
suggested that RA negatively influences consumers’ attitudes and intentions (Claudy et al., 2015; 
Gupta & Arora, 2017a). The context-specific RA are risk barrier, value barrier, usage barrier and 
tradition barrier (Chen et al., 2022). These factors act as resistance in adopting innovative products 
or services like mobile-wallet adoption in Pakistan. Consumers in Pakistan are very strict with their 
routines and habits. Non-familiarity with the cashless payments systems, less knowledge, fraud and 
safety risk counter consumers’ positive intentions towards mobile-wallet adoption; however, among 
these factors, the tradition barrier (B = 0.811) has the strongest influence on the consumers’ attitudes 
and intentions. Consumers feel difficulty changing their behaviour, traditions and habits as consumers 
are used to paying in cash. One of the main reasons for this result is that Pakistani consumers are very 
strict with their daily life routines, culture and habits. They do not usually change their norms and 
habits. Moreover, the security issue, complex usability, and perceived uncertainty can also resist 
consumers from adopting the mobile-wallet app (Hopalı et al., 2022).

[H6], [H7], and [H8] examined the association of values (openness to change) with attitude, RF and RA. 
The empirical results of these hypotheses were found to be insignificant. Concerning hypothesis [H6], the 
results are consistent with previous researchers (Claudy et al., 2015; Gupta & Arora, 2017a), suggesting 
that value (openness to change) has an insignificant impact on consumers’ attitudes toward mobile- 
wallet adoption. [H7] hypothesize the positive association between openness to change and context- 
specific reasons for mobile-wallet adoption. The results align with the previous studies, suggesting that 
openness to change does not influence the RF (Pillai & Sivathanu, 2020). however contradicts with the 
findings of (Gupta & Arora, 2017a, 2017b; Sivathanu, 2018a, 2018b). [H8] assumes the negative relation-
ship between value and RA, which was also insignificant in the results. The result aligns with the study 
(Pillai & Sivathanu, 2020). The possible reason can be that the selected value (openness to change) is 
culturally specific, which may not be influential in the Pakistani context. Previous researchers have 
adopted different values concerning context and found diverse results. BRT is a context-specific theory, 
and its relationships among variables vary in various contexts (Dhir et al., 2021). Secondly, Uncertainty 
avoidance is high among Pakistani consumers, which may reduce their openness to change or new 
technology/app acceptance.

4. Study 2

4.1. Design and method
In addition to Study 1, Study 2 has two main objectives. First, this study intends to validate and 
verify Study 1ʹs findings by testing hypotheses [H1] to [H8] using newly collected data from 
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Pakistani mall shoppers residing in the other three provinces. Second, study 2 investigates whether 
a shopper’s gender moderates all the associations of the study’s primary research model [H9a] 
to [H9h].

4.1.1. Literature review 
4.1.1.1. The moderating role of gender. Academics and practitioners have begun to pay more 
attention to the impact of gender inequalities on adopting new technologies. Gender schema 
theory (GST) is a psychological theory that defines how gender (i.e., men and women) observe and 
respond in different manners (Bem, 1981). Schema has been suggested to guide individuals’ 
information processing, retrieval, and storage since individuals usually act according to their 
cognition and past knowledge (Bem, 1981). Gender disparities originate because men and 
women perceive information using distinct processing styles, as proposed in GST. Additionally, 
Sun and Zhang (2006) research extended GST theory by identifying three significant characteristics 
that influence gender deformation in decision-making: 1) men are more realistic; 2) women 
experience greater anxiety when confronted with different processes, and 3) women’s decision- 
making is affected by their immediate environment.

Moreover, the literature demonstrates that men’s behavior is usually driven by cognition, but 
women’s behavior is frequently affected by emotion (Smith & Leaper, 2006). Meyers-Levy’s (1991) 
study has also demonstrated similar findings, which indicated that women perceive information 
holistically, whereas men process information specifically. Additionally, Morahan-Martin and 
Schumacher (2007) claimed that women tend to be technophobes, associated with a lack of 
technological expertise and discomfort when interacting with technology. In contrast, men tend 
to be technophiles with a high level of technical knowledge. In the same vein, Selwyn (2007) 
discovered that various technologies are viewed as more feminine or masculine; Email, graphics 
and e-learning are considered feminine technologies, whereas online banking, digital cameras, 
laptop and digital music are considered masculine.

Furthermore, there has been considerable disagreement over whether the gender differences 
in technology usage are diminishing (Van Deursen & van Dijk, 2014) because some researchers 
have found no such distinction (L. H. Shaw & Gant, 2002). On the contrary, different studies, such 
as Cooper (2006) demonstrated that there is still a digital gap between men and women regarding 
technology-related behavior. A recent meta-analysis has supported the main finding that men 
have more favorable opinions about technology than women (Cai et al., 2017), implying that 
women and men perceive technology. These discrepancies must be studied regularly to determine 
whether the gender gap is declining. Extent studies have examined gender differences in the 
adoption of technology, including smartphone adoption (Ameen et al., 2020), social media sites 
(Lai et al., 2019), and mobile app adoption (Douglas, 2019). Moreover, systematic research on 
gender differences in adopting innovative mobile apps (i.e., mobile-wallet) is still lacking. As 
a result, we believe that these different gender roles indicate significant variations in the use 
of m-violet. Therefore, the researchers hypothesize that: 

H9: The impact of a) attitude on intention, b) RF on attitude, c) RF on intention, d) RA on attitude, e) 
RA on intentions, f) value (i.e., openness to change) on attitude, g) value on RF, h) value on RA 
towards adoption of mobile-wallet will be moderated by gender.

4.1.2. Participants and measures 
A completely new dataset was obtained from 322 Pakistani mall shoppers living in three other 
Pakistan provinces for validating and generalizing the findings of Study 1 over nationally repre-
sentative samples of Pakistan. We selected respondents from Sindh, Khyber Pakhtunkhwa and 
Balochistan (almost 100 respondents from every province). These three provinces symbolize 
Pakistan’s north, east, and south-west zones, respectively, thus eliminating geographical bias in 

Ajina et al., Cogent Business & Management (2023), 10: 2178093                                                                                                                                    
https://doi.org/10.1080/23311975.2023.2178093                                                                                                                                                       

Page 15 of 32



the current study. The data was collected from leading shopping malls in each province’s capital 
using the same approach as in study 1.

4.1.3. Measures 
All of the items used in Study 1 were the same (i.e., Value, RF, RA, ATT, and Intention). Similarly, to 
satisfy Study 2ʹs second purpose, we operationalized gender into two categories, such as 
1 = “male” and 2 = “female”, as suggested by (Gilal et al., 2018; Moon, 2021; Saleki et al., 2020). 
The demographics of study 2 are presented in Table 5.

4.2. Results
In Study 2, PLS-SEM was used to examine the research model as in study 1 (See above the result 
section of study 1). The findings indicated that one factor explained 39.929% of the total variance. 
Thus, CMV bias was not a concern to resolve.

4.2.1. Validation for measurement model 
As in study 1, The measurement model for study 2 was validated by examining the variables’ reliability 
and convergent validity. The results demonstrated that composite reliability (CR) scores for all measures 
are above the 0.70 (DeVellis, 2016), factor loadings for all items are more than 0.7 and AVE for each 
variable surpassed the threshold value of 0.5 (Hair et al., 2016; See Table 6 and Figure 2). Thus, the 
complete and split data sets (for males and females) were reliable and valid. Additionally, the HTMT 
values were below 0.9, showing that discriminant validity is established for complete and split data sets 
(J. F. J. Hair et al., 2017; Henseler et al., 2014; See Table 7). Further, VIF values for all constructs are less 
than 3.3, indicating no multicollinearity concern (Kock & Lynn, 2012).

4.2.2. Structural model 
The hypothesized associations were tested for a complete and split dataset using the bootstrapping 
approach with 5000 re-samples. The results of path-coefficient (β) estimate, their related t-value, 
p-value, coefficient of determination (R2), model’s predictive relevance (Q2) and effect size (f2) for 
complete and split datasets (see Tables 7–9). The results for the complete dataset show that all of the 
hypotheses are significant, except for Value (H6: β = 0.002, t = 0.047 < 1.64, and P > 0.05) on attitude, 
Value (H7: β = 0.093, t = 1.441 < 1.64, and P > 0.05) on RF and (H8: β = −0.072, t = 0.049 < 1.64, and P > 0.05) 
RA (see Table 7). Similarly, all hypotheses are significant for men except Value (H6: β = 0.061, 
t = 1.325 < 1.64, and P > 0.05) on attitude (see Table 8 and Figure 3(a)). The results for the female dataset 
reveal that all hypotheses are significant except the associations between Value (H6: β = 0.018, 
t = 0.311 < 1.64, and P > 0.05) and attitude; Value (H7: β = 0.104, t = 1.274 < 1.64, and P > 0.05) and RF; 
Value (H8: β = −0.060, t = 1.005 < 1.64, and P > 0.05) and RA (see Figure 3(b))

Before conducting multiple group analysis (MGA), an invariance test was undertaken using 
Assessment of the Measurement Invariance of Composite Models (MICOM) to ascertain whether 
measurements of constructs were similarly interpreted across both men’s and women’s groups 
(Henseler, Ringle et al., 2016). Consequently, the MICOM procedure established the partial mea-
surement invariance, providing a basis for comparing and analyzing the MGA group-specific 
discrepancies in the PLS-SEM findings (Henseler, Hubona et al., 2016).

4.2.3. Multi-group analysis 
This study examines whether the gender of the shoppers moderates all the links in the focal model 
of the study. PLS multigroup analyses were undertaken to investigate the moderating effect of 
gender at the 0.05 level, as per recommended by (Henseler, Ringle et al., 2016), to examine 
whether the effects of ATT on intention [H9a], RF on ATT [H9b], RF on intention [H9c], RA on ATT 
[H9d], RA on intention [H9e], Values on ATT [H9f], Values on RF [H9g], Values on RA [H9h] and 
respectively, vary according to gender. The study’s findings did not support a significant difference 
between males and females regarding the effect of value on ATT [H9f]. Table 9 summarizes the 
results of the multigroup findings derived using the Henseler MGA and permutation test, indicating 
significant/non significances differences between males and females.
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5. Discussion study 2
Study 2 mirrors study 1, as both studies found that reasons (for and reasons against) influence 
individuals’ intentions. Likewise, study 2 verified these results from the more diverse respondents 
from different provinces as “reasons for” are more important than reasons against Pakistani 
consumers. This seems an importance of reason for boosting consumers’ intention regarding 
mobile-wallet. However, the results suggested that out of eight hypotheses, five are accepted 
[H1], [H2], [H3], [H4], [H5].

Moreover, study 2 provides additional worth mentioning findings. The study used GST to test the 
moderating effect of gender on m- wallet adoption and indicate significant differences in male and 
female behaviour (see Table 9). Concerning gender differences, the impact of attitude on intention 
is much more substantial for males than females, supporting hypothesis H9a. Similarly, the 
association of RF on attitude and intention are much stronger for male than female, which 
confirmed hypotheses [H9b] and [H9c]. In addition, the results also demonstrated that the 
relationship of RA and attitude and intention is higher for men than females, respectively, which 
supports [H9d] and [H9e]. Moreover, males also have a higher score than females on the relation-
ship of value (openness to change) and RF and RA, respectively, confirming H9f and H9g. However, 
H9h was not supported because there is no significant difference between males and females in 
the association of value and attitude. The results align with the marketing literature, which found 
differences among males and females in their attitudes, intentions and behavior for different 
product categories (Lim et al., 2021; Quoquab et al., 2020; Sobieraj & Krämer, 2020).

The possible reason for the result is that males and females differ in their cognition structure, 
values, processing, retrieving, socializing among peers, and decision-making styles. However, this is 

Table 5. Demographic information of respondents (study 2)
Variables Categories Number Percentage
Gender Male 192 59.6

Female 130 40.4

Age (in years) Under 20 39 12.1

20–30 113 35.1

31–40 131 40.7

41–50 26 8.1

Above 50 13 4.0

Education Intermediate or below 51 15.8

Bachelor 139 43.2

Masters 101 31.4

Others 31 9.6

Occupation Government Sector 
Employee

82 25.5

Private Sector Employee 114 35.4

Self-Employed 56 17.4

Student 41 12.7

Unemployed 29 9.0

Monthly family income 
(in PKR)

≤25,000 32 9.9

250,001–50,000 135 41.9

50,001–100,000 92 28.6

100,001–150,000 37 11.5

> 150,000 26 8.1
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also dependent on the social system of the culture and society. Culture with male or female 
dominant roles also characterized the use of technologies (Sobieraj & Krämer, 2020). For instance, 
some technology such as email, e-learning, and socializing apps are considered feminine, and 
more complex technologies such as digital banking, web development and e-commerce are 
considered masculine. Pakistan is a masculine country, representing the expected results as 
males have a strong attitude and RF using mobile-wallet apps than females. Secondly, it is 
found that male is technophile while females are technophobe. Women are less comfortable as 
well as less expert in technology. They found it difficult to process information and learn new 
technologies, while males’ cognition process is higher, and they are likely to understand new 
technologies. The current study results are also yielded in the same way as males are more 
open to the mobile-wallet app. They perceived it as valuable and easy compared to women, who 
are less likely to change their behavior towards adopting mobile-wallet apps. Thirdly, Covid-19 has 
affected consumers’ behavior significantly overall. Still, the results found that males are more likely 
to adopt mobile-wallet apps due to perceived susceptibility and severity. At the same time, 
females are more risk-averse and resist adopting mobile-wallet apps compared to men, who are 
risk-takers and more adaptive towards new technologies.

5.1. Theoretical contribution
In the field of the mobile-wallet adoption application, the study has specific notable theoretical 
contributions. The study has three theoretical implications. First, the current study results offer 
a comprehensive knowledge of the relative effect of facilitators and inhibitors (i.e., reasons for and 
against) affecting attitudes and intention towards mobile-wallet app adoption. Studying these 
factors was necessary because most of the studies focused either on facilitators or mobile-wallet 
adoption inhibitors but simultaneously ignored these factors’ relative effects. The study gives 
academics a better understanding of phenomena by including context-specific reasons for and 
against adopting the mobile-wallet app in a unique model.

Figure 2. Measurement model 
PLS-algorithm (study 2).
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Secondly, the current study has extended the theoretical foundations of the mobile-wallet app’s 
adoption based on two main reasons; (a) this is the first empirical research to utilize behavior 
reasoning theory (BRT) to study mobile-wallet adoption (b) the current research has taken a two- 
study approach to validate the first study results and, most importantly, apply gender schema 
theory to adopt the mobile-wallet apps. Previous research has explained the role of gender in 
consumerism and branding, but very few efforts have been made in the context of mobile-wallet 
applications (Chawla & Joshi, 2020a). In this regard, GST has been explored in Pakistan, and 
significant differences between male and female consumers have been observed. The study 
reinforces technological consumer literature by incorporating the diverse technological roles of 
gender. The study found, for example, that Pakistani men are more technology-driven, complex 
app adopters such as mobile-wallet apps, whereas women are reluctant.

Third, by studying different factors in Covid-19 situations, this present study opens new insights 
into the literature. For example, susceptibility to covid-19 is the highest influencing factor of 
mobile-wallet app adoption in Pakistan. However, Covid-19 affected consumer decisions and 
purchasing practices due to health concerns. The fear of infected disease due to face-to-face 
interaction and physical transactions motivates consumers to move towards digital mode.

5.2. Practical contributions
The study has substantial implications for marketers and practitioners. The study found the RF and 
RA mobile-wallet app adoption, which can be used for developing the marketing strategy. For 
instance, marketers need to highlight the importance of cashless transactions in this pandemic. 
The Health Benefits of using mobile-wallet apps can motivate consumers to adopt digital transac-
tion mode as disease-preventing action. The results suggested that consumers adopt the mobile- 
wallet app if they find it valuable and easy to use. So, mobile-wallet app developers need to focus 

Figure 3a. Male shoppers.
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on convenience, easily downloadable, usable, and compatibility with daily life. Moreover, compa-
nies should provide promo videos and tutorials to avoid any difficulty in app usage. However, 
celebrity endorsement and awareness messages should be communicated to the consumers 
about app security, advanced lifestyle and a new era to mitigate risk associated with these apps. 
In this regard, consumers’ habit of using paper currency can be modified gradually.

Additionally, marketers can use this study to apply different marketing strategies concerning 
gender. It is found that RF and RA have a strong influence on males than females, i.e., males are 
more likely to use mobile-wallet apps if they find apps beneficial for health, helpful, and easy to 
use. So marketers should explain different benefits of the app in the advertisement, such as paying 
bills, transferring money and online shopping with one click without any human interaction. 
Moreover, the health benefits of mobile-wallet apps should also be communicated to consumers 
through doctors to prevent the spreading of covid-19. However, the customer base can be 
increased by providing training, tutorials, first login benefits, referral logins, and special discounts 
to encourage female consumers to use these financial apps. Additionally, social media platforms 
should be used to share reviews of existing female consumers about the app’s easiness, useability, 
security, privacy and advanced features to mitigate risks associated with apps.

5.3. Limitations and future directions
Although the study has some substantial implications, this is still not without limitations. So, future 
studies may take this study forward by addressing the following limitations. First, the current study 
collected data through a cross-sectional technique. Empirical studies following cross-sectional 
design often suffer from potential bias in data collection. So future research should focus on 
experimental design or longitudinal data collection to overcome this issue. Second, we mainly 
focused only on the Pakistani context. However, covid-19 affected consumers’ perceptions and 
behaviour globally. So future research should focus on cross-national or cross-culture studies to 

Figure 3b. Female shoppers.
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increase generalizability by comparing developed and developing countries. Third, the study used 
BRT to understand the phenomena based on the reasons for and reasons against consumers’ 
attitudes and intentions. However, many consumers vary in their decision-making by considering 
the cognitive or affective attitude approach. So future researchers should use a bi-dimensional 
attitude approach for a better understanding of the decision-making process of the consumers.
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