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Abstract 

Recent and ongoing advancements in the field of ICT have led to the introduction of 

increasingly diversified financial products, and their use is improving people's level of financial 

knowledge and skills. This article aims at assessing the effect of Fintech on the level of financial 

literacy of small business’ managers in Cameroon. To this end, information was gathered using 

a questionnaire from 209 small business managers in Cameroon. Descriptive statistics, 

Principal Component Analysis (PCA), and multiple linear regression are used. Results lead to 

two main conclusions. On the one hand, unlike knowledge of their existence, the frequency of 

use of Fintech tools is better able to contribute to improving financial literacy levels overall. 

On the other hand, specifically, this result is more important when it comes to competence and 

self-confidence in managing financial affairs. As a result, increasing the utilization of financial 

technology instruments in companies is imperative for efficiency. 

Keys words: Financial Skill; Financial Knowledge; Financial literacy; Fintech; Small business  
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1- Introduction 

Social exclusion and lockdown constraints, imposed by COVID-19 health pandemic 

highlighted the opportunity to speed up access to digital financial services (Sahay et al., 2020). 

Thus, a population control approach strengthened internet purchases, mobile payments, and 

remote services. The COVID-19 pandemic increased the usage of digital benefits, notably 

during general containment. According to Fru and Mishra (2020), a 24% to 32% increase in 

downloads of mobile banking applications occurred between 2019 and 2020 due to the spread 

of COVID-19 and its restrictions. Thus, this global health epidemic highlighted the significance 

of digitalization advances, notably in the field of finance. The great development of the world's 

financial landscape paints technological advancement as no longer a surprise because Fintech 

(Technological Finance) stands out as the driving force behind a significant improvement in the 

financial industry. The term Fintech denotes the use of technology (or ICT as a whole) to 

increase access to banking and financial services (Wika et al., 2019). It promotes low-income 

households' access to financial services, and enhances financial inclusion generally. This study 

investigates the impact of Fintech on financial literacy. 

Fintech is important since it modernizes financial services at a fairly rapid pace (Frost et al. 

2019). According to Forbes (2019)1, $320 million has been raised by financial technology 

companies in Africa since January 2015. Furthermore, the Fintech ecosystem recently 

experienced significant growth. Contrarily, according to the World Bank (2019), only 40% of 

the world's population has access to the Internet, and 20% of the poorest families are less likely 

to have a mobile phone, one of the instruments that facilitate the use of Fintech. Accordingly, 

the development of Fintech significantly impacts financial planning, financial well-being, and 

economic inequality, through ground-breaking tools like mobile payments, robotics consulting, 

application-based investment platforms, online banking solutions, online funding techniques 

(crowdfunding), and virtual currency (cryptocurrency) (Frame et al., 2019). It enables one to 

obtain low-cost access to formerly opaque financial services which were provided by traditional 

banks only and to their most wealthy clients (Gabor and Brooks, 2017). Incorporating and 

utilizing technological opportunities to streamline financial transactions has been made possible 

by financial technology. In this context, people in both urban and rural regions perform (more 

simply, more swiftly, and cheaply) complex operations better like paying bills, buying financial 

assets, fund access, transferring money, etc. 

 
1https://www.forbes.fr/business/fintech-en-afrique-une-augmentation-de-60-en-deux-ans/?amp 
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Therefore, Fintech has the potential to help individuals and businesses to become more 

financially proficient. According to Gabor and Brooks (2017), the level of financial inclusion 

in low-income countries is increasing at the same rate as these swift developments of innovative 

financial products and services. For instance, the expansion of mobile payments has 

significantly improved financial inclusion in developing countries where the traditional bank 

finance system is underdeveloped and particularly unattractive for small businesses (Morgan 

and Trinh, 2019). The degree of financial integration, inclusion, and financial literacy are all 

changing at the same time due to the quick growth of these innovative financial goods and 

services (Gabor and Brooks, 2017). 

The ability to make wise, informed and optimal financial decisions is referred to as financial 

literacy. According to Hastings and Mitchell (2018), it is the capacity of an individual to 

understand the nature of financial services, examine financial service options, and make a well-

informed choice. It is important for enhancing financial well-being (Shaban et al., 2020), as it 

facilitates stronger Intelligence interaction (Aun, 2017), efficient financial decision-making 

(Lusardi et al., 2015), and even drives the selection of the format for financial reporting 

(Hastings and Tejeda-Ashton 2008; Hastings and Mitchell 2018). Knowledge, adoption, and 

use of FinTech innovations help to improve financial literacy, as well as relations with financial 

institutions and the financial system in general (Didenko et al., 2018; Leonov et al., 2018). The 

rise of Fintech contributed significantly to recent improvements in awareness and accessibility 

to financial services (Chen et al., 2019; Nguyen, 2022). Consequently, it becomes imperative 

to understand how Fintech and financial literacy are related, which is the focus of the present 

article. 

The existing literature linking Fintech and financial literacy is young, growing, and 

undeveloped, principally when considering the COVID-19 health crisis period. The related 

findings are, in fact, contradictory. Indeed, opinions differ on the link between Fintech and 

financial literacy (Panos and Wilson, 2020). Consequently, some authors see Fintech as a lever 

in the process of financial inclusion and an important tool for financial education (Eniola and 

Entebang, 2015; Minerva, 2016; Wolbers, 2017; Morgan and Trinh, 2019; McKillop et al., 

2020). Others, however, find a relationship that is either insignificant or negative (Panos and 

Wilson, 2020; Panos and Karkkainen, 2020; Motroni and Posocco, 2017).  

Furthermore, the context of Cameroon is special for several reasons. First, there is a very slow 

bank penetration rate. According to the Bank of Central African States (BCAS) and 2023's 

Global Threat Report, the bank penetration rate in Cameroon is about 23.50% in 2021. This is 

low as compared to other similar countries like Gabon, Mali, Ghana, and Namibia, whose rates 
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are 27.5%, 28.44%, 50.57%, and 65.57%, respectively. These are also less than the rates of 

some developed countries, like France's (97%) and Denmark's (99.7%). Access to ICTs for all 

banks is a reality in Cameroon but remains insufficient. However, current activities such as 

mobile banking and mobile money will help to improve the rate of bank penetration in 

Cameroon (Koumetio and Djoumessi, 2022). 

Second, according to the World Bank's FinScope (2017) report, less than 10% of young 

entrepreneurs have access to a bank account in Cameroon. Third, Cameroon is one of the 

French-speaking states in Africa that has been severely impacted by the COVID-19 health crisis 

(Sahut and Djoutsa Wamba, 2023). This is also supported by a Survey of Cameroon Inter-

Patronal Group (CIPG) in 2020 on 250 companies. Among them, 75% estimate that in absolute 

terms, the annual turnover loss due to the crisis could reach XAF 3,139 billion (around €4.77 

billion) compared to 2019 for companies in the modern sector and this will lead to a reduction 

in their capacity to contribute to State revenue for about XAF 521 billion (around €791 million). 

The same study reveals that almost 53,346 permanent employees have been laid off, and 13,834 

of them as a result of the crisis. This is consistent with Djoumessi's (2022) observations.  

Moreover, Cameroon’s economy is mainly focused on intermediation, with the banking sector 

serving as the primary source of economic funding. Indeed, after more than 15 years of 

existence and operation, the financial market in Cameroon has only five listed companies, even 

though the INS (2018) counts more than 220,000, of which more than 90% are small businesses. 

Thus, is the issue that will be addressed in this article is stated as follows: What is the impact 

of Fintech on financial literacy in small enterprises in Cameroon? The objective of the article 

is thus to appreciate the effect of FinTech on the financial literacy of small business managers 

in Cameroon. In a Cameroonian context where financial inclusion is struggling to become 

visible, our aim with this work is to show that Fintech can contribute to improving financial 

inclusion in small businesses, as financial digitalization is becoming a necessity for companies 

wishing to withstand competition. 

This study differs from previous research in several aspects in addition to its contextual 

contribution and positioning in light of literature with controversial outcomes. First, this paper 

establishes an empirical link between Fintech and financial literacy. This contrasts with earlier 

works, which focused on determinants of both the adoption of new ICT in firms and the degree 

of financial literacy (Altintas, 2011; Lusardi et al., 2010; Atkinson and Messy, 2012; Morin et 

al., 2012; Delafrooz and Laily, 2011). Second, impact analyses are needed but haven't been 

sufficiently mentioned in the literature, which is mostly focused on statistical analysis (Moenjak 

et al., 2020). Third, in addition to the widely discussed digital payment tools (Jack et al., 2013; 
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Suri, 2017), this research also includes, as variables, recent innovations of Fintech like 

cryptocurrency, crowdfunding, and banking applications which are now being taken into 

account in the financial system. Fourth, previous studies on the link between the two concepts 

(Nguyen, 2022; Hasan et al., 2022) only use financial knowledge to capture financial literacy, 

thus neglecting the two other characteristics (competence and self-confidence), which are 

crucial for an appropriate assessment. Fifth, in contrast to Nguyen's (2022) methodology, this 

research develops an index for each of the main research variables. 

In addition to the above contributions, from a managerial perspective, this study is quite 

interesting to business managers. It helps them understand the management of the financial 

resources of their company, as well as its personal finance. It is also a starting point for 

managers to appreciate how technology advancement tools can boost their financial inclusion, 

literacy, and well-being. Furthermore, it provides policymakers in Cameroon and other 

developing countries a fundamental stool on which policies to promote access to financial 

services can be built. 

Subsequent to this introduction (section 1), the remainder of the article is organized around four 

additional sections. Section 2 presents the literature review. Section 3 highlights the 

methodology used. Section 4 highpoints and discusses the results obtained. Finally, section 5 

concludes the article. 

2- Literature Review 

2.1- Conceptual framework for small business and Fintech in Cameroon 

Small Businesses are part of Small and Medium Sized Enterprises or Industries 

(SME/SMI). The official definition of SME/SMI in Cameroon derives from Law No. 2015/010 

of July 16, 2015 amending and supplementing certain provisions of Law No. 2010/001 of April 

13, 2010 on the promotion of SMEs. This law defines the criteria for classifying companies into 

the "Small Enterprise" (SE) and "Medium Enterprise" (ME) categories. According to these 

criteria, the small companies’ category comprises companies employing no more than 100 

people, and with annual sales excluding taxes not exceeding three (03) billion CFA francs. 

According to statistics from the National Institute of Statistics (NIS, 2010), this category of 

company currently represents over 90% of Cameroon's national economic fabric, and its share 

of gross domestic product is estimated at 34%. 

 

According to the Global Business Survey of CIPG in 2021, 58% of businesses believe that they 

are digital. Only 38% of companies have a technology charter and 81% have a website. 85% 

use social networks to communicate and 67% use mobile applications in their activities. The 
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technological tools deployed are aligned with the company's strategy. Furthermore, the 

digitalization particularly concerning financial operations in SMEs, will help to boost the 

financial education of business owners, especially as the global financial environment is 

becoming increasingly demanding in this respect (GICAM, 2021). According to the Financial 

Services Authority (FSA), financial literacy is knowledge, skills, and beliefs that influence 

attitudes and behaviors to improve the quality of decision-making and financial management to 

achieve prosperity. The FSA expects financial literacy to bring benefits to the wider community, 

such as the ability to choose and use financial products and services tailored to their needs, plan 

their finances better, and avoid investing in unclear financial instruments. 

 

2.2- Theoretical justification for the relationship between Fintech and financial literacy. 

We use three main theories in this study to illustrate the relationship between Fintech and 

financial literacy: The theory of technology acceptance to motivate adoption. Theory of 

technology diffusion explains the transmission mechanisms toward financial literacy; the 

theory of trust to emphasize the attitude of individuals toward technological change. Finally, 

theory of technology transfer justifies the link between technology and small businesses. 

2.2.1- Unified Theory of Acceptance and Use of Technology or Technology Acceptance 

Model (TAM) 

The theory of technology adoption is founded on the theory of reasoned action of Fishbein and 

Ajzen (1975), which states that beliefs influence attitudes, which in turn affect intentions, and 

develop behavior. The Unified Theory of Acceptance and Use of Technology (UTAUT), 

created by Davis (1989), argues that two fundamental considerations (ease of use and utility) 

are sufficient justifications for adopting a new technology. As stated by Bobillier Chaumon et 

al. (2006), perceived usefulness is the degree to which a person believes that utilizing a 

particular innovation would enable them to perform better, as opposed to ease of use, which is 

concerned with the challenges experienced when using this innovation (no special effort is 

necessary). These authors claim that these two factors determine the intention of use since, if a 

technology is deemed helpful and simple to use, the user will more fully realize its advantages. 

Referring to this research, this theory implies that individuals who are aware of the advantages 

of Fintech technologies will be able to recognize how they will improve their level of inclusion, 

education, and financial literacy. According to Venkatesh et al. (2016), COVID-19 has 

encouraged the development of Fintech and in the process is pushing the financially illiterate 

to educate themselves in order to adapt, unlike the financially educated. The use of these 
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financial innovations (Fintech) can be explained by the fact that, on the one hand, consumers 

and businesses see them as beneficial and simple to use (Dauphin-Pierre, 2011) and, on the 

other, create a need for financial education for illiterate recipients (Morgan and Trinh, 2019). 

This idea is therefore used in this study to better understand how potential consumers behave 

when using Fintechs tools, particularly in association with financial literacy (Venkatesh et al., 

2016). The diffusion of innovation theory provides the best justification for how these two ideas 

are diffused. 

2.2.2- The diffusion of innovation theory (DIT): adoption aspect 

The diffusion of innovation theory, which draws upon existing theories in the sociology of 

behavioral change, describes how technologies are adopted at different phases. Innovation, 

according to Rogers (1995), a founder of this idea, is the process by which an innovation is 

communicated, through particular channels, over time, among the members of a social system 

(i.e., it is the dissemination of a process among people in reaction to learning an innovation). 

The components that influence how speedily an innovation is embraced by a social group and, 

as a result, outcomes in behavioral change, are defined by the diffusion of innovations model, 

which is both frequently used and frequently challenged. 

To explain how an innovation spreads among users, this theory does not focus on the 

circumstances or processes involved in its production, but instead considering it to be finished. 

Diffusion is viewed as a specific type of pandemic that spreads over time and among people. 

When it comes to knowledge, a person who is exposed to innovation responds by his or her 

personal characteristics and the social structure in which they are evolving (Corbel, 2014). In 

other words, it is possible to consider Fintech innovations as vectors for the development of 

financial inclusion through training, routines and education. Indeed, the adoption and use of a 

technology is the result of good communication, as innovation is fundamentally a 

communication problem (Badillo, 2013), the advantage being the consideration of feedback 

effects in any process (Wiener, 1954). 

2.2.3- The economic theory of trust 

According to Thuderoz et al. (1999), the consideration of trust is inevitably carried up while 

examining economic transactions since trust is important as soon as there is uncertainty 

associated with the transaction. Williamson (1993) examines trust in terms of transaction costs 

because, according to his economic theory of trust, this lowers the cost of operations in 

transactions. Thus, the relationships between individuals and the components of their material 
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and symbolic environment, such as other people, household products, organizations, laws, and 

technologies, are characterized by varying levels of trust, ranging from suspicion to faith. This 

theory claims that direct and indirect communication interactions within the social system, 

which enable each person to know more about his or her surroundings and have a more or less 

significant impact on them, are the basis of the attitude of trust (Thuderoz et al., 1999). 

To make their inventions available, Fintech companies must communicate about them, 

especially about how to use them. To ensure that the adoption and use of technology proceeds 

smoothly, it is the responsibility of the final user or consumer to accept ownership of them. Due 

to this, financial literacy appears to be a vital step in the adoption and usage of financial 

technologies (Morgan et and Trinh, 2020). To minimize uncertainty and promote more 

inclusion, education, and financial literacy, it is therefore possible to view the use of various 

Fintech products as knowledge that has to be acquired or updated. Based on its ability to comfort 

others by decreasing their perceived uncertainty, this knowledge then structures a level of 

confidence. To benefit from the improved behaviors that Fintech instruments encourage, 

adoption requires a certain level of confidence, and this comes from good financial education 

(Fonseca and Lord, 2019). As a result, confidence is an important factor in achieving financial 

well-being outcomes, along with financial competence and knowledge (Fonseca and Lord, 

2019). 

2.2.4- Theory of technology transfer 

Technology transfer (TT) is a process whereby an industrial player or simply a receiver 

appropriates a technology from a public player or another private company to use it and, more 

often than not in the case of B-to-B, marketing it. Such a process involves the transfer of 

tangible or intangible assets from one entity to another. 

According to the theory of technology transfer, the challenge of technology transfer is to 

combine the acquisition of external skills with the development of the country's skills, to give 

the country a distinctive competitive advantage. Thus, assimilated within the framework of this 

work, the theory simply explains that for the transfer of technology to be effective, the receivers 

must have the capacity to understand it in order to accept it (Bennani and Dinar, 2022). In this 

context, Fintech appears to be an important lever for mass financial education, particularly for 

young entrepreneurs (Koumetio and Djoumessi, 2022) or young companies like small 

businesses. This is not surprising, as the international environment is increasingly demanding a 

level of digitalization of businesses to ensure that technology transfer is effective, particularly 

in the field of Fintech. To this end, many small businesses are developing in-house capabilities 
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to respond to this concern, which seems to be an area where competition is becoming 

increasingly fierce. Consequently, the small businesses that stand to benefit are those that are 

rapidly catching-up with the phenomenon of financial digitalization. 

 

2.2- Summary of empirical literature on the link between Fintech and financial literacy 

According to Lusardi (2019), who proposes a conceptual framework for the link between 

Fintech and financial literacy, the existing literature linking these two variables is recent and 

incomplete, and the results are inconsistent. Therefore, we distinguish between studies that 

demonstrate a positive relationship between Fintech and financial literacy (Jünger and Mietzner, 

2020) and those that find no or a negative relationship between the two (Nguyen, 2022). 

Jünger and Mietzner (2020) and Morgan and Thinh (2020) explain that the development of 

Fintech is positively correlated with financial literacy Liu et al. (2021) add that Fintech 

innovations are proving to be an added value of good financial education for users. Morgan and 

Trinh (2019) in the same line show that Fintech innovations are positively associated with 

financial literacy. According to them, the digitalization of financial services creates the need for 

mass financial education. Therefore, the development of the Fintech sector is an important lever 

in the development of mass financial education policies. Furthermore, Wolbers (2017) shows 

that developments observed in the Fintech sector have a positive influence on financial 

inclusion. Similarly, Sadigov et al. (2020) find a positive relationship between Fintech and 

financial literacy. In the same perspective as Mulasiwi and Julialevi (2020), Yoshino et al. 

(2020), investigate the effect of financial literacy on Fintech service adoption in Japan 

(electronic money, mobile payment applications, and crypto asset holding). Their findings 

indicate that people with higher literacy levels are more likely to use Fintech services. In this 

sense, according to Elsinger et al. (2018), changes in the digitization of financial services 

require new forms of financial education. In addition, Shaban et al. (2020) find that government 

integrity, Internet use, economic growth, banking system stability, and human development are 

positively related to the level of financial education. Philippas and Avdoulas (2020) find, in a 

sample consisting mainly of students, that financial well-being is largely influenced by financial 

literacy.  

Martini et al. (2021) look at the impact of Fintech on financial literacy in Indonesia. From a 

question administered to a total sample of 401 people, they show that, unlike the level of risk 

and interest in use, the perceived ease and efficiency of using Fintech have no impact on 

financial inclusion. The weak role played by financial literacy allows them to conclude that its 
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effect on Fintech becomes fragile when individuals master its use. Yoshino et al. (2020) also 

find that there is a negative and significant effect on probability of possessing cryptocurrency 

and financial literacy. According to Yeo and Fisher (2017) and Philippas and Avdoulas (2020), 

Fintech does not sufficiently address consumers who do not have good prior financial 

knowledge. For example, applications used in smartphones can be used to improve financial 

capability, since it is easier for users, on the one hand, to track their income and expenditure 

and, on the other, to be more resilient in the face of a financial shock.  

Additionally, as far as small business managers are concerned, anyone involved in the financial 

decision-making process must at least have the knowledge, skills, and confidence to ensure that 

the decisions they make can be justified (Palameta et al., 2016). The knowledge referred to here 

is an individual's understanding of themselves and the financial issues they face. Skills refer to 

an individual's ability to use financial knowledge in financial management. Finally, the term 

'self-confidence' here refers to confidence in making financial decisions. Lontchi et al. (2023) 

investigate the role of financial literacy as a mediator in the relationship between Fintech and 

SME performance in Cameroon. These authors conclude that there is a significantly positive 

link between Fintech and financial literacy. They also demonstrate that the latter plays an 

important positive role in the relationship between Fintech and the performance of these 

companies. Our analysis differs from that of these authors. First, they are focused on financial 

services, while we are dealing with FinTech tools. The methodology used is not identical. They 

use PLS-SEM, but we use PCA and linear regression. More critically, their financial literacy 

measure is not complete. In our article, we have mobilized the broad dimensions indicated in 

the literature (financial knowledge, financial skills, and financial self-confidence). The 

empirical framework of the study is also different. Based on the foregoing, this study 

hypothesizes is that Fintech tools help small business managers in Cameroon to become more 

financially literate. 

 

3- Methodological approach to the study 

The nature and source of the data, the operationalization of the variables, and the econometric 

and statistical techniques employed in this article are all discussed in this section. 

3.1- Nature and source of data 
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The paper focuses on Small businesses, which are the most prevalent in Cameroon. Indeed, 

according to the 2021 SMEESC2 statistical yearbook published in June 2022, 98.75% of 

Cameroon's economic potential is dominated by small businesses. According to the National 

Institute of Statistics (NIS, 2018), about 90% of Cameroon's companies are of small sizes. The 

sampling technique used is the non-probability method. Specifically, it implements the 

convenience and reasoned choice strategies. These techniques are frequently employed in 

developing nations, where the researchers build their samples conditioned on limited resources. 

The research uses primary data collected using a questionnaire. The survey was carried out in 

the framework of a study on inclusive business finance in Cameroon, that was undertaken by 

the Centre for Research and Study in Management and Economics (CRSME). In the cities of 

Douala, Yaoundé, Dschang, and Bafoussam, the survey was carried out between May and July 

2020 amid the COVID-19 health crisis. The NIS (2018) estimates that more than 85% of 

Cameroon's enterprises are located in these towns. 300 questionnaires were distributed, 225 

were completed, and 16 were considered unusable. Thus, 209 businesses constitute the final 

sample made. 

3.2- Empirical model and operationalization of variables 

The purpose of this research is to investigate if the use of Fintech tools promotes financial 

literacy among business managers. The method chosen for this research is hypothetico-

deductive, with positivism serving as its epistemological pillar, given that we begin with the 

literature to construct the tested hypotheses. The conceptual model considered as the foundation 

for the study's hypothesis is represented by figure 1. 

Figure 1: Conceptual representation the model  

 

The mathematical formulation of this model allows us to highlight the theoretical model of the 

present study as follows: 

 
2 Small and Medium-sized Enterprises Economy and Social Craft. 
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FI_LITi =  β0 + ∑ βj

K

j=1

Xji + εi 

j= 1, 2, 3 ... k (k = 5)i = 1, 2, 3 ... n (n= 209) 

With Xji, the explanatory variable j associated with firm i, β0,the constant term; βj, the estimated 

coefficient; n, the number of observations or sample size; k, the number of explanatory variable 

(main and control variables) and 𝜺i, the error term. The empirical form of the model or the 

specific model that analyzes the relationship between financial literacy and Fintech is as 

follows: 

𝐹𝐼_𝐿𝐼𝑇𝑖 =  𝛽0 +  𝛽1. 𝐾𝑛𝑜𝑤_𝐹𝑖𝑛𝑡𝑒𝑐ℎ𝑖   + 𝛽2. 𝐹𝑟𝑒𝑞_𝑈𝑠𝑒𝑖  

+ 𝛽3. 𝑆𝑒𝑐_𝐴𝑐𝑡𝑖  + 𝛽4. 𝑇𝑂𝑖  + 𝛽5. 𝐴𝑔𝑒𝑖 +  𝜀𝑖 

With: FI_LIT = financial literacy; Know_Fintech = Knowledge of the existence of Fintech 

tools; Freq_Use = frequency of using Fintech instruments; TO = Turnover and Age = age of 

the firm. 

The existing literature provided the basis for the operationalization of the study's variables. The 

explained variable (financial literacy) and the explanatory variables (Fintech and control) are 

distinguished from one another. The main variables are measured using the 5-point Likert 

approach. 

- The dependent variable: financial literacy 

This is a multidimensional variable, assessed in the context of this study using three sub-

variables: financial knowledge, financial skill and financial self-confidence. The 

operationalization approach for these variables is displayed in Table 1 in the appendix. It 

demonstrates that, in line with existing literature, we selected respectively6, 11, and 8 items to 

measure each of these sub-variables, (Morin et al., 2012; Lusardi et al., 2010). 

The paper built a synthetic index, which is appropriate since these are multidimensional 

variables. To do this, Principal Component Analysis (PCA) is initially carried out, and 

Cronbach's Alpha reliability test is applied to guarantee internal consistency between items. 

The findings for each of the indices constructed in this study are in Table 3. 
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Table 3: Results of exploratory analyses: Principal Component Analysis of the variables 

Variables KMO Bartlett's 

test 

 Initial 

Items 

Selected 

Items  

Total 

factors 

Selected 

factors 

Total 

variance 

Cronbach’s 

Alpha 
Financial literacy 0.811 0.000  25 20 20 6 69.354 0.845 
Financial knowledge 0.570 0.000  6 4 4 2 72.435 0.546 

Financial 

competencies 
0.792 0.000  11 11 11 3 72.797 0.848 

Self-confidence 0.563 0.000  8 5 5 3 74.794 0.581 
Fintech knowledge 0.797 0.000  8 5 5 2 81.382 0.838 
Frequency of use 0.596 0.000  8 8 8 3 65.566 0.506 

In addition to the three indices that represent each of the three components of the financial 

literacy factor, an overall index is calculated. To ensure internal consistency between the items, 

a Cronbach's alpha reliability test is applied. According to this reliability test, the values for 

financial literacy, financial knowledge, financial competence, and self-confidence are 0.845, 

0.546, 0.848, and 0.581, respectively. Table 2 also indicates that each of these variables initially 

has 20, 4, 11, and 5 items respectively. After item extraction, 6 factors, 2 factors, and 3 factors 

are used for the building of the index, with a total explained variance of 69.35%, 72.43%, 

72.79%, and 74.79%, respectively. Tables 4, Table 5, Table 6, and Table 7 in the appendix, 

respectively, for financial literacy, financial knowledge, financial competence, and self-

confidence, provide details of the contributions of each item in the development of the various 

factors. The Bartlett statistic associated with these variables is significant at the 1% threshold 

with a KMO value greater than 0.5, which is satisfactory and it can be concluded that the 

correlation matrix is an identity one. 

Authors like Correia et al. (2009), Krishnakumar and Nagar (2008), Nagar and Basu (2002), 

and Djoutsa et al. (2018) point out that the most frequently used PCA-derived indices are 

produced either from the first component or from the proportional average of all the factors 

computed with the weights specified by the proportional variances of each eigenvalue. The 

second approach is preferred in this study. As a result, each variable's index is calculated and 

standardized on a scale of 0 to 1, with 0 denoting the constructed index's lowest level and 1 

indicating its greatest level. For the study's main explanatory variables, the same analysis is 

performed. 

- Main explanatory variables 

The main explanatory variables of the study are those related to Fintech, specifically, 

knowledge of their existence and frequency of use. Eight indicators are used to assess the 

Fintech variables, as presented in Table 2 in the Appendix, which is based on the literature 

(Morgan, 2021; Nguyen, 2022). For each of the two Fintech variables, an index is created using 
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the same logic and technique similar to that of the financial literacy variable. Referring to the 

variables knowledge of the existence and frequency of use of Fintech tools, the last two rows 

of Table 3 display a Cronbach's Alpha value of 0.838 and 0.506, respectively. Table 3 displays 

the five-point Likert scale that was used to record these various items. Details concerning PCA 

analysis are in Table 8. 

The eight usable items were submitted to a Principal Component Analysis (PCA), but after 

reduction, only five and eight of them remained. The findings make it possible to isolate three 

components (two components) with eigenvalues greater than one that account for the use of 

Fintech (knowledge of the existence) tools. The KMO index for these three (two) components 

is 0.596 (0.797), which is generally outstanding since it is higher than 0.5 and explains 65.566% 

(81.382) of the entire volume of information. The Barlett's test has a high value with zero 

probability. More information concerning the results of PCA analysis concerning this variable 

is provided in Table 9. These elements are utilized to create an index for each of these two 

Fintech variables, similar to how the financial literacy variable was calculated. 

The control variables include: the sector of activity (Sec_Act), the turnover (TO), and the age 

of the company (Age). The details concerning their items are in Table 11. 

Concerning the statistical and econometric materials, flat sorting is mainly employed in this 

work to describe the qualitative factors, central tendency, and dispersion characteristics are used 

to describe the quantitative variables, and principal component analysis is used to generate 

synthetic indices for all the major variables. After the various indices have been built, the 

previous empirical model is estimated using the Ordinary Least Squares (OLS) technique. In 

the section that follows, the findings are emphasized. 

4- Results and discussion 

 

4.1- Descriptive statistics 

Some statistics of respondents' characteristics are shown in Table 10. From there it appears that 

men constitute 71.8% of the studied population. In addition, the majority of respondents 

(73.2%) are below 40. In terms of degree of education, the sample is composed of individuals 

with a first-cycle university diploma (41.8%), a high school diploma (35.1%), and a second-

cycle university diploma (17.3%), respectively. Given that the statistical unit of the study is 

small businesses, it makes sense that the majority of respondents (49.8%), as shown in Table 

10, are owner-managers. Thus, in Cameroon, the vast majority of small-scale business owners 

also serve as their structures' managers. 
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Table 10: Respondents’ Characteristics 

Variable Modality Number Percentage 

Gender Male 144 71.8 

 Female 59 28.2 

Age 20-30 years old 65 31.1 

 30-40 years old 89 42.1 

 40 to 50 years old 42 20.1 

 50 to 60 years old 13 6.2 

 Over 60 years old 1 0.5 

Level of study Primary 9 4.3 

 Secondary 73 35.1 

 University 1 87 41.8 

 University 2  36 17.3 

 University 3 4 1.9 

Position in the 

company 

Owner-manager 103 49.8 

Director 24 11.4 

Financial Director 4 1.5 

 Chief Accountant 6 2.5 

 Other (Accounting Assistant, 

Internal Controller and 

Executive Assistant) 

72 34.8 

 Total 209 100 

Characteristics of the companies in the sample 

Characteristics of the enterprises used in this study are presented in Table 11. From there it 

appears that 157 of the 209 companies considered in the study are sole proprietorships, followed 

by Limited Liability Companies (LLCs), which constitute 20.4% of the sample. They are 

essentially less than 15 years old, with most of their staff being 10 or less. Indeed, 73.9% of our 

small businesses have less than 5 employees, while only 3.9% of them have more than 20 

employees. Additionally, the commerce (66%) and services (30.1%) sectors represent the 

majority of these companies. There are just 2 industrial enterprises out of the 209 in the sample. 

These statistics make sense insofar as the Statistical Yearbook of SMEESC 2021 published in 

June 2022 shows that 84.2% of the actors are in the tertiary sector, 15.63% in the secondary 

sector, and only 0.17% in the primary sector. Their effectiveness depends not only on their 

financial capacity, the skills of their promoters, and market opportunities, but also on the quality 

of the public policies. 81.4% of the managers of these companies report that their annual 

turnover is less than XAF 6 million and 14.2% indicate having a global annual sale of more 

than XAF 8 million. Furthermore, 25.6% of them report a decrease in their turnover, and 57.1% 

of them indicate a rise in turnover when compared with previous years. This means that for 

most of the companies in our study, sales volume and value have increased considerably. This 

can be justified by the fact that most of them are also in the commercial sector. In a similar 
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vein, 55.2% of these managers claim that their company's results stayed stable, as opposed to a 

growth for 19.2% of them.  

Table 11: Characteristics of the companies in the sample 

Variable Modality Number Percentage 

Legal status Limited Companies 3 1.4 

 Limited Liability Companies 43 20.4 

 General partnership companies 1 0.5 

 Sole proprietorship companies 157 75.2 

 Other 5 2.4 

Activity sector Industry 2 1.0 

 Trade 140 66.0 

 Service 63 30.1 

 Other 6 2.9 

Sales figures 0-2 000 000 97 4.,4 

 2 000 000 - 4000 000 48 23.0 

 4 000 000 - 6000 000 25 12.0 

 6 000 000 - 8 000 000 9 4.4 

 8 000 000 - 10 000 000 30 14.2 

Company age Less than 4 years old 71 34.3 

 Between 4 and 8 years old 60 28.5 

 between 8 and 12 years old 45 21.3 

 between 12 and 16 years old 17 8.2 

 Over 16 years old 16 7.7 

Personnel Between 1 and 5 154 73.9 

 Between 5 and 10 42 19.8 

 Between 10 and 15 8 3.9 

 More than 20 5 2.4 

Change in sales Downward 54 25.6 

 Stable 119 57.1 

Evolution of 

results 

On the rise 36 17.2 

Downward 54 25.6 

Stable 115 55.2 

On the rise 40 19.2 

 Total 209 100.0 

As stated in the methodology, the variables in this study are derived using an index from the set 

of components acquired following PCA. Given the quantitative nature of these variables, a 

description is required. To illustrate this, the average, standard deviation, maximum, and 

minimum values for each variable index are displayed in Table 12.  
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Table 12: Descriptive statistics for the study's quantitative variables 

 N Min Max Average Standard deviation 

Fintech knowledge 209 0.00 1.00 0.1807 0.15248 

Frequency of use  209 0.00 1.00 0.0645 0.12707 

Financial Knowledge 209 0.00 1.00 0.5018 0.18251 

Financial Competence 209 0.00 1.00 0.4697 0.20936 

Self-Confidence 209 0.00 1.00 0.5702 0.17073 

Financial Literacy 209 0.00 1.00 0.5953 0.13244 

Given that, on average, 59.53% of these companies seem to have a good overall level of 

financial literacy, Table 12 demonstrates that managers have a suitable degree of financial 

literacy. More than half of all company managers have an above-average level of global 

financial literacy, as measured by the overall index (59.33%). The related variability is about 

13.24%. One of the reasons for this statistic is the profile of managers. Most of the respondents 

occupy positions related to the company's financial or accounting affairs, and have had an 

advanced education, since most have a university degree. Finke and Huston (2014) show that 

education significantly affects financial literacy.  

The sub-component variables, which drive this overall financial literacy, seem to be financial 

knowledge and financial confidence. Indeed, 50.18% and 57.02% of the study's company 

leaders performed well on these two measures respectively. However, only 46.97% of them 

have strong financial capability, with the highest variability (0.209), as reflected by its standard 

deviation. In a similar vein, just 18.07% of the sampled companies’ managers are strong 

regarding the knowledge of the existence of technological finance tools, and only 6.45% of 

them use these tools frequently. Despite having a respectable level of financial literacy, this 

finding shows that these companies have not completely embraced the financial technology. 

Estimates will be carried out to confirm this supposition. 

4.2- Results of explanatory analyses 

4.2.1. Main results 

For the empirical association between knowledge of the existence and the use of Fintech tools 

and financial literacy, results are provided in accordance with the considered dimension of 

financial literacy. Therefore, the results of the overall financial literacy index, as well as the 

outcomes of each of its three components will be presented. Table 13 illustrates the effect of 

Fintech on the global index of financial literacy. 
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Table 13: Fintech and Financial Literacy (Overall Index)  

variable Coef 

 (P-Value) 

Standard 

error 

t-stat Tolerance 

(VIF) 
Coef 

(P-Value) 

Standard 

error 

t-stat Tolerance 

(VIF) 

Panel A: With control variables Panel B: Without control variables 

Constant 0.454***  

(0.000) 

0.053 8.522  0.609*** 

(0.000) 

0.015 40.128  

Fintech 

knowledge  

-0.091 

(0.154) 

0.063 -1.431 0.950 

(1.053) 

-0.111* 

(0.066) 

0.060 -1.851 0.992 

(1.008) 

Frequency of 

use 

0.136* 

(0.097) 

0.082 1.667 0.970 

(1.031) 

0.097 

(0.178) 

0.072 1.352 0.992 

(1.008) 

Activity sector 0.049*** 

(0.008) 

0.018 2.689 0.959 

(1.042) 

/ / / / 

TO 0.019** 

(0.015) 

0.008 2.457 0.790 

(1.266) 

/ / / / 

Company age 0.001 

(0.959) 

0.009 -0.052 0.805 

(1.242) 

/ / / / 

Model 

Adjustment 

R² = 0.108; Adjusted R² = 0.083; Standard error = 

0.12954; DW = 1.868; F = 4.284***, Pval = 0.001 

R2 = 0.098; Adjusted R² = 0.079; Standard error = 

0.1835; DW = 1.314; F = 3.842***, Pval = 0.009 

Note: The dependent variable is financial literacy. *, **, ***, indicate significance at the 10%, 5% and 1% levels respectively. 

Findings when the control variables are included in the regression analysis are highlighted in 

Panel A of Table 13. The "Variance Inflation Factor" (VIF)3 statistic, tolerance, and Durbin-

Watson (DW) are provided and show that there are no autocorrelation and/or multicollinearity 

problems. According to the criteria, this statistic must show a value of less than 10 to rule out 

collinearity, and the tolerance value must be very close to 1. (Chatterjee et al., 2000). A DW 

statistic with a value higher than 1.65 also suggests the absence of autocorrelation. The findings 

in column 5 of Table 13 demonstrate that the model does not have an autocorrelation issue. A 

large autocorrelation issue in the calculated model is likewise extremely unlikely, according to 

the Durbin-Whatson value of 1.868 > 1.65. As a result, the estimation's findings can be used. 

In light of this, we point out that the Fischer statistic, with an adjusted R² of 8.3%, is significant 

at the 1% level. In other words, only 8.3% of the variation in the overall financial literacy score 

of small firms in Cameroon can be attributed to the factors used, which are exclusively 

knowledge and use of Fintech technologies. In fact, this low explanatory power is likely 

because, as demonstrated in the literature, the determinants of ICT adoption (including finance-

oriented ICT) are innumerable. This is also justified by the fact that the constant is significant 

at the 1% level. 

From Table 13, it is observed that mangers' financial literacy is significantly influenced by the 

sector of activity and the turnover of their company. In reality, it is logical that as a firm grows 

in size and complexity, the need for using current financial tools increases, leading to an 

 
3In the context of a multiple regression, the VIF statistic is used to gauge the extent of multicollinearity in the variables used. 



20 
 

increase in stakeholders' financial literacy. This is in line with the conclusions of Hussain et al. 

(2018) and Abor and Quartey (2010). 

Table 13 likewise indicates that, in contrast to knowledge, the coefficient of frequency Fintech 

tools usage is positive and significant at the conventional threshold. The level of financial 

literacy of small business managers in Cameroon is therefore raised as a result of the increased 

use of Fintech products. In other words, one is better prepared in terms of financial knowledge, 

skill, and risk-taking the more financial technology they use. However, Panel B of Table 13 

also shows that this link is very dependent on the existence of control variables. Although the 

relationship is usually favorable, it is insignificant. Financial literacy is negatively impacted by 

knowledge of Fintech instruments, but the effect is insignificant. The limited sample size and 

poor knowledge of technology advancements among the population in developing countries 

like Cameroon, can explain this unexpected outcome. In Panel B of Table 13 at the 10% level, 

the relationship's negative is confirmed. According to Morgan and Trinh (2020), the lack of 

high-quality infrastructure that can support these innovations can be the cause of the absence 

of Fintech or the negative relationship between Fintech and financial literacy. 

Globally, frequent use of these technologies is more likely to increase the financial literacy of 

small business managers in Cameroon, than knowledge of the existence of these Fintech 

instruments. This result supports the conclusions of Morgan and Trinh (2019) and McKillop et 

al. (2019). The outcomes of this study, nevertheless, differ from those of Ryu (2018) and 

Dermody et al. (2019). To better understand these results, the financial literacy variable is 

decomposed into its three major components (financial knowledge, financial skill, and 

confidence). 

Table 14: Fintech and Financial Knowledge 

variable Coef 

 (P-Value) 

Standard 

error 
t-stat Tolerance 

(VIF) 

Coef 

(P-Value) 

Standard 

error 

t-stat Tolerance 

(VIF) 

Panel A: With control variables Panel B: Without control variables 

Constant 0.512*** 

(0.000) 

0.077 6.633  0.521*** 

(0.000) 

0.021 24.714  

Fintech 

knowledge  

-0.081 

(0.382) 

0.092 -0.876 0.950 

(1.053) 

-0.058 

(0.488) 

0.083 -0.695 0.992 

(1.008) 

Frequency of 

use 

-0.154 

(0.196) 

0.118 -1.298 0.970 

(1.031) 

-0.140 

(0.163) 

0.100 -1.399 0.992 

(1.008) 

Activity sector -0.003 

(0.910) 

0.026 -0.114 0.959 

(1.042) 

/ / / / 

TO 0.004 

(0.726) 

0.011 0.351 0.790 

(1.266) 

/ / / / 

Company age 0.008 

(0.525) 

0.013 0.638 0.805 

(1.242) 

/ / / / 

Model 

Adjustment 

R² = 0.019; Adjusted R² = 0.009; Standard error = 

0.187; DW = 1.688;  F =0.691; Pval = 0.631 

R2 = 0.011; Adjusted R² = 0.001; Standard error = 

0.182; DW = 2.147; F = 1.141;Pval = 0.322 

Note: The dependent variable is financial knowledge. *, **, ***, indicate significance at 10%, 5% and 1% respectively. 
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Because the p-value for the Fisher statistic is not significant at the accepted level, the findings 

in Table 14 demonstrate the model's lack of relevance. Surprisingly, the findings show that none 

of the study's variables have a significant coefficient. In fact, except for the constant, all other 

variables exhibit non-significant coefficients regardless of the model taken into consideration 

(with or without a control variable). The level of financial understanding of small business 

managers in Cameroon is thus unaffected by knowing about and use of Fintech instruments. 

The theory of trust, which emphasizes the hesitation to adopt new technologies because of a 

lack of information brought on by information asymmetry, might be used to support this 

finding. According to Nguyen (2022), the current state of financial literacy is unaffected by 

Fintech. According to Yeo and Fisher (2017), customers who lack financial literacy are not 

fascinated by Fintech. Contradictory inferences might be made regarding financial 

kill.  Herdinata (2020) discovers that financial literacy has no impact on the adoption of Fintech. 

Fintech and Financial Capability. 

Table 15: Fintech and Financial Skill 

variable Coef 

 (P-Value) 

Standard 

error 
t-stat 

Tolerance 

(VIF) 

Coef 

(P-Value) 

Standard 

error 

t-stat Tolerance 

(VIF) 

Panel A: With control variables Panel B: Without control variables 

Constant 0.275*** 

(0.001) 

0.078 3.518  0.510*** 

(0.000) 

0.024 21.623  

Fintech 

knowledge  

-0.211** 

(0.024) 

0.093 -2.270 0.950 

(1.053) 

-0.287*** 

(0.002) 

0.093 -3.078 0.992 

(1.008) 

Frequency of 

use 

0.300** 

(0.013) 

0.120 2.507 0.970 

(1.031) 

0.173** 

(0.018) 

0.112 1.989 0.992 

(1.008) 

Activity sector 0.044* 

(0.095) 

0.026 1.680 0.959 

(1.042) 

/ / / / 

TO 0.053*** 

(0.000) 

0.011 4.738 0.790 

(1.266) 

/ / / / 

Company age 0.001 

(0.978) 

0.013 0.027 0.805 

(1.242) 

/ / / / 

Model 

Adjustment 

R² = 0.217; Adjusted R² = 0.195; Standard error = 

0.189; DW = 1.808; F =9.758***;Pval = 0.000 

R2 = 0.195; Adjusted R² = 0.150; Standard error = 

0.182; DW = 1.883; F = 6.423***;Pval = 0.002 

Note: The dependent variable is financial literacy. *, **, ***, indicate significance at 10%, 5% and 1% respectively 

The findings in Table 15 demonstrate that when financial capability is considered as a financial 

literacy variable, the quality of the model improved because Fintech accounts for at least 15% 

of it. At a 1% level, the Fisher statistic is significant. At the conventional level, company’s 

sector of activity and turnover are also significant. 

Additionally, we observe that the coefficient of financial knowledge is negative and significant 

for both estimated models (with and without control variables). Therefore, the less proficient in 

financial affairs, the more informed they are about the existence of Fintech technologies. The 

inability of individuals in developing nations to adopt new technologies could explain this 

result. Even though financial market in Cameroon has existed for more than 15 years, 
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companies are still reluctant to be listed there. This implies that it will be difficult to learn about 

this financial innovation that is boosted by ICT works. Furthermore, Bidiasse and Mvogo 

(2019) find that the network effect, accessibility to information, and proximity to the financial 

innovation tool hurt the adoption of this device. According to Kadjie et al. (2022), financial 

payment technology adoption is hampered by the cost of using them. This outcome, which 

appears to defy the principle of technology acceptance, can be explained by this study’s context, 

where there is a proven resistance to new technologies about company management. 

The findings in Table 15 also show a strong and positive relationship between financial literacy 

and the frequency of using Fintech technologies. This implies that as one uses Fintech 

technologies, their level of financial literacy rises. According to Sadigov et al. (2020), there is 

a direct correlation between the demand for Fintech services and financial literacy. 

Fintech and Self-Confidence  

Table 16: Fintech and Financial Self-Confidence  

variable Coef 

 (P-Value) 

Standard 

error 
t-stat 

Tolerance 

(VIF) 

Coef 

(P-Value) 

Standard 

error 

t-stat Tolerance 

(VIF) 

Panel A: With control variables Panel B: Without control variables 

Constant 0.493*** 

(0.000) 

0.068 7.238  0.543*** 

(0.000) 

0.019 27.876  

Fintech 

knowledge  

0.088 

(0.279) 

0.081 1.085 0.950 

(1.053) 

0.062 

(0.424) 

0.077 0.802 0.992 

(1.008) 

Frequency of 

use 

0.331*** 

(0.002) 

0.104 3.171 0.970 

(1.031) 

0.255*** 

(0.006) 

0.092 2.768 0.992 

(1.008) 

Activity sector 0.019** 

(0.417) 

0.023 0.813 0.959 

(1.042) 

/ / / / 

CA 0.001 

(0.940) 

0.010 0.076 0.790 

(1.266) 

/ / / / 

Company age 0.002 

(0.885) 

0.011 0.145 0.805 

(1.242) 

/ / / / 

Model 

Adjustment 

R² = 0.062; Adjusted R² = 0.036; Standard error = 

0.165; DW = 1.697; F =2.346**;Pval = 0.043 

R2 = 0.037; Adjusted R² = 0.028; Standard error = 

0.168; DW = 1.787; F = 3.983**;Pval = 0.020 

Note: The dependent variable is financial Self-Confidence. *, **, ***, indicate significance at 10%, 5% and 1% respectively 

Table 16 demonstrates that, in addition to the constant and the sector of activity, the frequency 

of use maintains its positive sign and significance when referring to the link with financial 

confidence. As a result, business managers who regularly use financial technology tools are 

better able to take financial risks. 

Overall, we show that the usage of Fintech technologies increases financial literacy in small 

firms in Cameroon, contrary to knowledge, which does not always result in adoption. This 

outcome is consistent with findings from Liu et al., (2020) and Jünger and Mietzner (2020). 

4.2.2. Robustness analysis: Alternative estimation method. 
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The previous findings are obtained using a standard multiple linear regression. This subsection's 

objective is to ensure that the results are unaffected by the estimation approach adopted. To do 

this, top-down linear regression is performed as another estimating method. This involves 

starting with the prior model and reestimating the data by progressively removing variables. 

The top-down regression automatically considers the mathematical contribution of each 

variable in order to move forward with the elimination, in contrast to the bottom-up regression 

and the regression with forced entry, which depend on the researcher's involvement in choosing 

the variables. To look at specified stability in the model, step by step, the variables with no 

substantial impact are removed. Depending on the considered aspect of financial literacy, the 

same method is used for the previous four models. 

Table 17: Fintech and Financial Literacy: Top-Down Linear estimation results 

Model Coef Standard 

error 
t-stat P-Value Tolerance 

(VIF) 

Model 

Constant 0.454*** 0.053 8.522 0.000  R² = 0.108 ; 

 R² A = 0.083 ;  

ES= 0.12954 ;  

F = 4.284*** ;  

Pval = 0.001 

Fintech knowledge -0.091 0.063 -1.431 0.154 0.950 (1.053) 

Frequency of use 0.136* 0.082 1.667 0.097 0.970 (1.031) 

Sector Activity 0.049*** 0.018 2.689 0.008 0.959 (1.042) 

CA 0.019** 0.008 2.457 0.015 0.790 (1.266) 

Age Company 0.001 0.009 -0.052 0.959 0.805 (1.242) 

Constant 0.453*** 0.051 8.957 0.000  R² = 0.108 ; 

 R² A = 0.088 ;  

ES= 0.12918 ;  

F = 5.384*** ;  

Pval = 0.000 

Digital Knowledge -0.091 0.063 -1.437 0.152 0.960 (1.041) 

Frequency of use 0.136* 0.081 1.676 0.095 0.972 (1.029) 

Sector Activity 0.049*** 0.018 2.702 0.008 0.961 (1.041) 

CA 0.019*** 0.007 2.674 0.008 0.947 (1.056) 

Constant 0.429*** 0.048 8.963 0.000  R² = 0.098 ; 

 R² A = 0.083 ;  

ES= 0.12957; 

DW = 1.688 

F = 6.452*** ;  

Pval = 0.000 

Frequency of use 0.149* 0.081 1.843 0.067 0.984 (1.016) 

Sector Activity 0.050*** 0.018 2.787 0.006 0.965 (1.037) 

CA 0.020*** 0.007 2.914 0.004 0.968 (1.033) 

Note: The dependent variable is financial literacy. *, **, ***, indicate significance at the 10%, 5% and 1% levels respectively. 

Table 17's results suggest that when the overall financial literacy index is the dependent 

variable, only three iterations are required for the model to reach stability. At this point, it is 

clear that the outcomes are closely comparable to those in Table 13 in that the variables that 

have remained important and have not been dropped from the model are the sector, turnover, 

and particularly frequency of usage. This indicates that these factors are the ones that most 

significantly contribute to the explanation of financial literacy among small business owners in 

Cameroon. 

 

Table 18: Fintech and financial knowledge: Results of the top-down linear regression 
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Model Coef Standard 

error 
t-stat P-Value Tolerance 

(VIF) 

Model 

Constant 0.512*** 0.077 6.633 0.000  R² = 0.019; 

 R² A = -0.009;  

ES= 0.18784;  

F = 0.691;  

Pval = 0.631 

Fintech knowledge -0.081 0.092 -0.876 0.382 0.950 (1.053) 

Frequency of use -0.154 0.118 -1.298 0.196 0.970 (1.031) 

Activity sector -0.003 0.026 -0.114 0.910 0.959 (1.042) 

Sales figures 0.004 0.011 0.351 0.726 0.790 (1.266) 

Company age 0.008 0.013 0.638 0.525 0.805 (1.242) 

Constant 0.504*** 0.039 12.952 0.000  R² = 0.019; 

 R² A = -0.003;  

ES= 0.18731;  

F = 0.865;  

Pval = 0.486 

Fintech knowledge -0.080 0.092 -0.872 0.384 0.954 (1.048) 

Frequency of use -0.155 0.117 -1.319 0.189 0.978 (1.022) 

Sales figures 0.004 0.011 0.371 0.711 0.806 (1.241) 

Age Company 0.008 0.013 0.645 0.520 0.807 (1.240) 

Constant 0.509*** 0.037 13.863 0.000  R² = 0.018; 

 R² A = 0.002;  

ES= 0.18686;  

F = 1.113;  

Pval = 0.345 

Fintech knowledge -0.083 0.091 -0.910 0.364 0.961 (1.041) 

Frequency of use -0.152 0.117 -1.299 0.196 0.983 (1.017) 

Company age 0.010 0.012 0.882 0.379 0.976 (1.024) 

Constant 0.534*** 0.023 23.076 0.000  R² = 0.014; 

 R² A = 0.003;  

ES= 0.18674;  

F = 1.283;  

Pval = 0.280 

Fintech knowledge -0.095 0.090 -1.058 0.292 0.984 (1.016) 

Frequency of use -0.155 0.117 -1.327 0.186 0.984 (1.016) 

Constant 0.516*** 0.016 33.229 0.000  R² = 0.008; 

 R² A = 0.002;  

ES= 0.12957 ;  

F = 1.445;  

Pval = 0.231 

Frequency of use -0.139 0.116 -1.202 0.231 1.000 (1.000) 

Constant 0.508*** 0.014 36.616 0.000  R² = 0.001 ; 

 R² A = 0.001;  

ES= 0.18703;  

 

Note: The dependent variable is financial knowledge. *, **, ***, indicate significance at 10%, 5% and 1% respectively. 

The same analyses are carried out again when financial knowledge is the dependent variable, 

and after six iterations, the findings in Table 18 demonstrate that the finding is the only 

significant parameter in the model. This conclusion is in line with those in Table 14, which 

shows that none of the considered variables significantly affect financial literacy. This is against 

the findings of Lontchi et al. (2023). As a result, we conclude that this less-than-satisfactory 

result is not caused by the estimation technique, and that, on the one hand, understanding of 

technological financial tools and, on the other, the frequency of their usage has no effect on the 

level of financial knowledge of small business managers in Cameroon. 
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Table 19: Fintech and financial skill: results of the top-down linear regression 

Model Coef Standard 

error 
t-stat P-Value Tolerance 

(VIF) 

Model 

Constant 0,275*** 0.078 3.518 0.001  R² = 0.217; 

 R² A = -0.195;  

ES= 0.18989;  

F = 9.758***;  

Pval = 0.000 

Fintech knowledge -0.211** 0.093 -2.270 0.024 0.950 (1.053) 

Frequency of use 0.300** 0.120 2.507 0.013 0.970 (1.031) 

Activity sector 0.044* 0.026 1.680 0.095 0.959 (1.042) 

CA 0.053*** 0.011 4.738 0.000 0.790 (1.266) 

Company age 0.001 0.013 .027 0.978 0.805 (1.242) 

Constant 0.275*** 0.074 3.713 0.000  R² = -0.217; 

 R² A = -0.199;  

ES= 0.18936;  

DW = 1.811 

F = 12.267***;  

Pval = 0.000 

Fintech knowledge -0.212** 0.092 -2.292 0.023 0.960 (1.041) 

Frequency of use 0.300** 0.119 2.516 0.013 0.972 (1.029) 

Activity sector 0.044* 0.026 1.685 0.094 0.961 (1.041) 

CA 0.053*** 0.010 5.213 0.000 0.947 (1.056) 

Note: The dependent variable is financial capability. *, **, ***, indicate significance at 10%, 5% and 1% 

respectively 

Table 19 demonstrates that a single iteration permits the estimated model to be stable. All of 

the variables considered, except the age of the company, significantly explain the financial 

confidence of small business managers in Cameroon, similar to Table 15. The usage frequency 

(knowledge of the existence) of Fintech technologies continues to have a positive (negative) 

impact. The negative results are in line with Yoshino et al. (2020) and demonstrates that the 

outcome is robust to the estimating method. 

Table 20: Fintech and Financial Self-Confidence: Results of the Top-Down Linear Estimation 

Model Coef Standard 

error 
t-stat P-

Value 

Tolerance 

(VIF) 

Model 

Constant 0,493*** 0.068 7.238 0.000  R² = 0.062; 

 R² A = 0.036;  

ES= 0.16570;  

F = 0.691**;  

Pval = 0.043 

Fintech knowledge 0.088 0.081 1.085 0.279 0.950 (1.053) 

Frequency of use 0.331*** 0.104 3.171 0.002 0.970 (1.031) 

Activity sector 0.019 0.023 0.813 0.417 0.959 (1.042) 

Sales figures 0.001 0.010 0.076 0.940 0.790 (1.266) 

Company age 0.002 0.011 0.145 0.885 0.805 (1.242) 

Constant 0.494*** 0.065 7.591 0.000  R² = 0.062; 

 R² A = 0.041;  

ES= 0.16524;  

F = 2.948**;  

Pval = 0.022 

Fintech knowledge 0.088 0.081 1.086 0.279 0.958 (1.044) 

Frequency of use 0.331*** 0.104 3.196 0.002 0.976 (1.025) 

Activity sector 0.019 0.023 0.813 0.417 0.978 (1.022) 

Company age 0.002 0.010 0.193 0.848 0.965 (1.036) 

Constant 0.500*** 0.057 8.779 0.000  R² = 0.062; 

 R² A = 0.046;  

ES= 0.16479;  

F = 3.940***;  

Pval = 0.004 

Fintech knowledge 0.085 0.079 1.072 0.285 0.983 (1.018) 

Frequency of use 0.331*** 0.103 3.201 0.002 0.976 (1.024) 

Activity sector 0.018 0.023 0.799 0.426 0.990 (1.010) 

Constant 0.543*** 0.020 26.596 0.000  R² = 0.059; 

 R² A = 0.048;  

ES= 0.16462;  

F = 5.602***;  

Pval = 0.004 

Fintech knowledge 0.083 0.079 1.045 0.298 0.984 (1.016) 

Frequency of use 0.338*** 0.103 3.287 0.001 0.984 (1.016) 

(Constant) 0.559*** 0.014 40.804 0.000  R² = 0.053; 

 R² A = 0.048;  

ES= 0.16467;  

DW = 1.774 

F = 10.108***;  

Pval = 0.002 

Frequency of use 0.325*** 0.102 3.179 0.002 1.000 (1.000) 
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Note: The dependent variable is financial self-confidence. *, **, ***, indicate significance at 10%, 5% and 1% respectively 

Table 20 indicates that the only relevant explanatory variable for self-confidence after five 

iterations is frequency of use. This implies that, among all the considered factors, the frequency 

of use is the one that best in explaining financial literacy. 

Finally, our robustness analysis demonstrates that the frequency of usage of technological 

financial instruments, as opposed to knowledge of their existence, is what contributes to 

ameliorate the level of financial literacy of small business managers in Cameroon. 

5- Conclusion 

The emergence of ICT in recent years has revolutionized the financial industry, resulting in the 

creation of more complex financial products. Financial literacy is improved as a result of 

mastering these instruments. This study was aimed at determining how Fintech tools affect the 

financial literacy of small business managers in Cameroon. To this end, the information was 

gathered through a survey by the Center for Research and Study in Management and Economics 

(CRSME), as a component of a project on financial inclusion of Cameroonian firms. The survey 

was carried out Between May and July 2020, in the cities of Douala, Yaoundé, Dschang, and 

Bafoussam. Three aspects of financial literacy were considered precisely financial knowledge, 

financial competence, and financial self-confidence. Fintech refers to the fact of being aware of 

the existence and usage frequency of relevant financial tools. Considering their 

multidimensional aspect evaluated on a Likert scale, these variables are first subjected to a 

Principal Component Analysis and indices are built. Statistical and econometric approaches 

such as flat sorting, traditional multiple linear OLS, and top-down multiple linear regressions 

were used to empirically confirm the relationship between Fintech and financial literacy. 

Globally, two main results are found. First, there is a direct and positive correlation between 

the frequency using of Fintech instruments and the financial literacy of managers of small 

businesses in Cameroon. However, the effect is negative and sometimes significant when 

considering the existence of such tools. The study concludes that, in contrast to the latter Fintech 

variable, the frequency of using of digital finance instruments is more likely to increase 

financial literacy. Second, compared to financial knowledge, the significance of this association 

increases when financial literacy is measured by financial competence and confidence. 

These results are in line with the theories considered in this research, including the economic 

theory of trust, the diffusion of innovation theory, the theory of technology acceptance and 

Usage, and the theory of technology transfer. This study enables us to conclude that Fintech is 



27 
 

a crucial tool for educating young businesses and business owners about finance. Financial 

digitalization policies can support this. This study therefore provides evidence that the use of 

financial technologies improves the financial literacy of small business' managers in Cameroon. 

This conclusion indicates that, at a managerial level, small business managers in Cameroon 

should increase their usage of finance-related new technologies. Therefore, they need to use 

financial technology solutions such as mobile payments, payment terminals, and bank accounts 

in their businesses, as these enable them, through automatic or formal learning, to considerably 

improve their level of financial knowledge, financial competence, and, above all, confidence in 

financial decision-making. Furthermore, to take advantage of the positive leverage, 

governments and all stakeholders in the financial system should create laws that promote 

technological innovation and encourage its utilization. The connection between Fintech and 

financial inclusion in small businesses is a main topic of future research. With the aim of 

identifying potential direct and indirect connections, another study might examine the 

interactions among Fintech, financial literacy, and financial inclusion (e.g., using mediation 

analysis). The effect of COVID-19 on the adoption of Fintech instruments and financial 

inclusion on the one hand and, on the other, the impact of this pandemic on the relationship 

between the two are also interesting research areas. 

Statements and Declarations 

1. Availability of data and materials:  The datasets used in this research are available from 

the corresponding author upon reasonable request. 

 

2. Competing interests: The authors declare that they have no competing interests 

 

3. Funding: No funding was received for conducting this study. 

4. Ethical Approval: Humans have voluntarily taken part in the questionnaire survey in 

order to produce this article. 

  



28 
 

References 

Abor J., and Quartey P. 2010. “Issues in SME development in Ghana and South Africa.” 

International Research Journal of Finance and Economics, 39, 218–228. 

Ajzen, I., and Fishbein, M. 1975. “A Bayesian analysis of attribution processes.” Psychological 

bulletin, 82(2), 261. 

Altintas K. M. 2011. “The dynamics of financial literacy within the framework of personal 

finance: An analysis among Turkish University Students.” African Journal of Business Management 

Vol. 5(26), pp. 10483-10491. 

Atkinson, A., and Messy, F. 2012 “Measuring Financial Literacy: Results of the OECD/INFE” 

OECD Working Papers on Finance, Insurance and Private Pensions, No. 15, OECD Publishing. 

University Press, p. 157-184. 

Aun, J. 2017. “Robot-Proof: Proof: Higher Education in the Age of Artifcial Intelligence.” 

Boston, MA : MA : MIT Press. 

Badillo P.-Y. 2013. “Les théories de l’innovation revisitées : une lecture communicationnelle et 

interdisciplinaire de l’innovation ? Du modèle « émetteur » au modèle communicationnel ».” Les Enjeux 

de l’Information et de la Communication, n° 14/1, 2013 : 19-34 

Bennani, F. Z., and Dinar, B. 2022. “Identification des déterminants de succès du Transfert de 

Technologie par les firmes multinationales.” International Journal of Accounting, Finance, Auditing, 

Management and Economics, 3(4-2), 62-88. 

Bidiasse H. and Mvogo G. P. 2019. “Les déterminants de l’adoption du mobile money : 

l’importance des facteurs spécifiques au Cameroun.” Revue d'économie industrielle, 

http://journals.openedition.org/rei/7845 ; DOI : 10.4000/rei.7845 

Bobillier Chaumon, M.-E., Dubois, M., Retour, D. 2006. “The acceptance of new information 

technologies: the case of information systems in banking.” Psychology of work and organizations, 12(4), 

247-262. 

Chatterjee, S., Hadi, A.S. and Price, B. 2000. “Regression Analysis by Examples.” 3rd Edition, 

Wiley VCH, New York. 

Chen, M.A., Wu, Q., Yang, B. 2019. “How Valuable Is FinTech Innovation?” Rev. Financ. Stud, 

32, 2062–2106.  

Corbel, P. 2014. “Le processus de diffusion des innovations dans la nouvelle ère numérique.” 

Conférence AIMS, 10.13140/2.1.5191.8409. 

Correia, L.F., Amaral, H.F., Louvet, P. 2009. “Un indice de gouvernance pour les entreprises au 

Brésil.” 5th Colloquium of the Franco-Brazilian Institute of Business Administration, Grenoble, France. 

Dauphin-Pierre Stéphane. 2011.  “Facteurs déterminants du succès commercial des technologies 

mobiles.” Thèse de doctorat en Sciences Appliquées, Université de Montréal. 

Davis, F. D. 1989. “Perceived Usefulness, Perceived Ease of Use, and User Acceptance of 

Information Technology.” MIS Quarterly, 319-340. 

Delafrooz, N., and Laily, P. H. 2011. “Determinants of financial wellness among Malaysia 

workers.” African Journal of Business Management, Vol. 5, No 24, October, p. 10092-10100. 

Dermody, J., Yun, J. H. J., Della Corte, V. 2019. “Innovations to advance sustainability 

behaviours.” Serv. Ind. J. 2019, 39, 1029–1033. 

Didenko, I.V., Kryvych, Y.M., Buriak, A.V. 2018. “Evaluation of deposit market competition: 

basis for bank marketing improvement.” Marketing and Management of Innovations, 2, 129-141. doi: 

http://doi.org/10.21272/mmi.2018.2-11 

Djoumessi, Y. F. 2021. “The adverse impact of the Covid‐19 pandemic on the labor market in 

Cameroon.” African Development Review, 33, S31-S44. 

Djoutsa Wamba, L., Braune, E. and Hikkerova, L. 2018. “Does shareholder-oriented corporate 

governance reduce firm risk? Evidence from listed European companies.”  Journal of Applied 

Accounting Research, Vol. 19 No. 2, pp. 295-311.   

Elsinger, H., Fessler, P., Feyrer, J., Richter, K., Silgoner, M. A., and Timel, A. 2018. 

“Digitalization in financial services and household finance: Fintech, financial literacy and financial 

stability.” Financial Stability Report, (35), 50-58. 

https://www.emerald.com/insight/search?q=Leopold%20Djoutsa%20Wamba
https://www.emerald.com/insight/search?q=Eric%20Braune
https://www.emerald.com/insight/publication/issn/0967-5426
https://www.emerald.com/insight/publication/issn/0967-5426


29 
 

Eniola, A. and Entebang, H. 2015. “SME firm performance-financial innovation and challenges.” 

Procedia Social and Behavioral Sciences, 195, 334-342. 

http://dx.doi.org/10.1016/j.sbspro.2015.06.361 

Finke, M. S., and Huston, S. J. 2014. “Financial literacy and education.” Investor behavior: The 

psychology of financial planning and investing, 63-82. 

Vietnam Fintech Report. 2020. “Fintech News Singapore” Available online: 

https://fintechnews.sg/wp-content/uploads/2021/01/Vietnam-Fintech-Report-2020.pdf. 

Fishbein, M. and Ajzen, I. 1975. “Belief, attitude, intention, and behavior: An introduction to 

theory and research.” Addison Wesley, Reading, MA. 

Fonseca, R., and Lord, S. 2019. “Canadian gender gap in financial literacy: Confidence matters.” 

Document de travail (No. 2019-12) 

Frame, W. S., Wall, L. and White L. J. 2019. “Technological Change and Financial Innovation in 

Banking: Banking: Some Implications for FinTech.” In Oxford Handbook of Banking, 3rd ed., edited 

by A. Berger, P. Molyneux, and J. O. S. Wilson, 262–284. Oxford: Oxford: Oxford University Press. 

Frost, J., Gambacorta, L., Huang, Y., Shin, H. S. and Zbinden P. 2019. “BigTech and the 

Changing Structure of Financial Intermediation.” Bank of International Settlements Working Paper 

Number 779. 

Fru, J. and Mishra, M. 2020. “The Global Impact of COVID-19 on Fintech Adoption.”,  Swiss 

Finance Institute ResearchPaper 20-38, University of Zurich. 

FSA (2017b). Literasi Keuangan. Financial Services Authority Report. 

Gabor, D. and Brooks, S. 2017. “The digital revolution in financial inclusion: inclusion: 

international development in the Fintech era.” New Political Economy, 22 :4, 423 436, DOI: DOI: 

10.1080/13563467.2017.1259298. 

Hasan, M., Noor, T., Gao, J., Usman M. and Abedin M. Z. 2022. “Rural Consumers’ Financial 

Literacy and Access to FinTech Services.” J Knowl Econ (2022). https://doi.org/10.1007/s13132-022-

00936-9. 

Hastings, J. and Mitchell, O. S. 2018. “How Financial Literacy and Impatience Shape Retirement 

Wealth and Investment Behaviors.” Wharton Pension Research Council Working Papers, Number 13. 

Hastings, J. and Tejeda-Ashton, L. 2008. “Financial Literacy, Information, and Demand 

Elasticity: Survey and Experimental. Evidence from Mexico.” National Bureau of Economic Research 

Paper No. 14538 

Herdinata, C. 2020. “The Effect of Regulation, Collaboration, and Financial Literacy on Financial 

Technology Adoption.” Expert Journal of Business and Management, 8(2), pp.131-138. 

Hussain, J., Salia, S., and Karim, A. 2018. “Is knowledge that powerful? Financial literacy and 

access to finance: An analysis of enterprises in the UK.” Journal of Small Business and Enterprise 

Development, 25(6), 985-1003. 

Jack, W., Adam, R. and Tavneet S. 2013. “Transaction Networks: Networks: Evidence from 

Mobile Money in Kenya.” American Economic Review, 103 (3): 356-61. 

Jünger, M. and Mietzner, M. 2020. “Banking goes digital: The adoption of FinTech services by 

German households.” Financ. Res. Lett. 2020, 34, 101260.  

Kadjie C. F., Hikouatcha P., Njamen K. A. A. and Tii N. N. 2022. “Determinants of adoption of 

electronic payment by small and medium-sized enterprises (SMEs) in Cameroon.” African Journal of 

Science, Technology, Innovation and Development, DOI: 10.1080/20421338.2022.2058340 

Koumetio, M. K., and Djoumessi, F. 2022. “Entrepreneuriat numérique au Cameroun: Une 

analyse des Défis financiers et fiscaux liés à la création des Start-Ups digitales.” Revue Africaine de 

Management, 1(7). 

Krishnakumar, J., Nagar, A. L. 2008. “On exact statistical properties of multidimensional indices 

based on principal components, factor analysis, MIMIC and structural equation models”, Social 

Indicators Research, 86(3), 481-496. 

Leonov, S. V., Demkiv, Yu. M., Samusevych, Ya. V. 2018. “Evaluation of banking services 

quality on the servqual approach basis: basis: modern interpretation” Financial and Credit Activity-

Problems of Theory and Practice, 2(25), 47-55. doi: 10.18371/FCAPTP. V2I25.135978 

Liu, B., Wang, J., Chan, K.C. and Fung, A. 2021. “The impact of entrepreneurs’ financial literacy 

on innovation within small and medium sized enterprises.” Int. Small Bus. J. Res. Entrep. 2021, 39, 

228–246. 

javascript:contributorCitation(%20'Mishra,%20Mrinal'%20);
https://doi.org/10.1007/s13132-022-00936-9
https://doi.org/10.1007/s13132-022-00936-9


30 
 

Lontchi, C. B., Yang, B., & Shuaib, K. M. (2023). Effect of Financial Technology on SMEs 

Performance in Cameroon amid COVID-19 Recovery: The Mediating Effect of Financial Literacy. 

Sustainability, 15(3), 2171. 

Lusardi, A. 2019. “Financial literacy and the need for financial education: Evidence and 

implications.” Swiss J. Econ. Stat. 2019, 155, 1–8.  

Lusardi, A., Mitchell, O. S., and Curto, V. 2010. “Financial literacy among the young.” Journal 

of consumer affairs, 44(2), 358-380. 

Lusardi, A., Samek, A., Kapteyn, A. and Glinert, L. 2015. “Visual Tools and Narratives: 

Narratives: New Ways to Improve Financial Literacy.” Journal of Pension Economics and Finance 16 

(3) :): 1–27. 

 Martini, M., Sardiyo, S., Septian, R., and Nurdiansyah, D. 2021. “Understanding of Financial 

Literacy as a Moderating Variable on the Effect of Financial Technology on Financial Inclusion in 

Lubuklinggau City” Indonesia. Journal of Economics, Finance and Accounting Studies, 3(2), 140-151. 

McKillop, D., French, D. and Stewart, E. 2020. “The Effectiveness of Smart Phone Apps in 

Improving Financial Capability. European Journal of Finance 26 (4–5) :): 302–318. 

Minerva, R. 2016. “The potential of the Fintech industry to support the growth of SMEs in 

Indonesia.” 35142338-8 Raras Minerva Management Strategy and Industry Evolution,. 

Moenjak, T., A. Kongprajya, and C. Monchaitrakul. 2020. “FinTech, Financial Literacy, and 

Consumer Saving and Borrowing: The Case of Thailand.” ADBI Working Paper 1100. Tokyo: Asian 

Development Bank Institute. Available: https://www.adb.org/publications/fintechfinancial-literacy-

consumer-saving-borrowing-thailand 

Morgan P. J. 2021. “Fintech, financial literacy, and financial education.” Chapter in The 

Routledge Handbook of Financial Literacy, 1st Edition, Imprint Routledge, eBook 

ISBN9781003025221. 

Morgan, P. J., and Trinh, L. Q. 2019. “Determinants and impacts of financial literacy in Cambodia 

and Viet Nam.” Journal of Risk and Financial Management, 12(1), 19. 

Morgan, P.J, and Trinh, L. Q. 2020. “FinTech and Financial Literacy in Vietnam;” ADBI Working 

Paper Series; Asian Development Bank Institute: Tokyo, Japan, 2020; pp. 1–23. 

Morin, S., Heppell, H., Ghilal, R., and Bussières, M. 2012. "Étude sur la littératie financière des 

étudiants au Cégep et à l'université de la région Chaudière-Appalaches," Research Paper, UQAR-Cégep 

de Lévis-Lauzon CÉR-82-553. 

Motroni, Renne and Posocco, L. 2017. « La dématérialisation et la désintermédiation dans la 

révolution des « Fintech » : premières considérations. » Rivista di Dirittodel l'Economia, dei Trasporti 

e dell'Ambiente (n°XV). 

Mulasiwi, C. M., & Julialevi, K. O. 2020. “Optimization of Financial Technology (Fintech) to 

Improve Financial Literacy and Inclusion of Purwokerto Medium Enterprises.” Perform. J. Pers. 

Financ. Oper. Mark. Inf. Syst, 27, 12-20. 

Nagar A. L. and Basu S. R. 2002. “Weighting socio-economic indicators of human development: 

a latent variable approach.” in A. Wan Ullahet A. Chaturvedi (dir), Handbook of applied econometrics 

and statistical inference (p. 609-642). New York, Marcel Dekker. 

Nguyen, T.A.N. 2022. “Does Financial Knowledge Matter in Using Fintech Services? Evidence 

from an Emerging Economy.” Sustainability 2022, 14, 5083. https://doi.org/ 10.3390/su14095083 

Palameta, B., Nguyen, C., Hui, T. S. W., Gyarmati, D., Wagner, R. A., Rose, N., and Llp, F. 2016. 

“Link between financial confidence and financial outcomes among working-aged Canadians.” Social 

Research and Demonstration Corporation. 

Panos, G. A., Karkkainen, T. and Atkinson, A. 2020. ”Financial Literacy and Attitudes to 

Cryptocurrencies.”  Working Papers in Responsible Banking & Finance WP Nº 20-002. 

Panos, G.A. and Wilson, J. O. S. 2020. “Financial literacy and responsible finance in the FinTech 

era: capabilities and challenges.” The European Journal of Finance, 26:4-5, 297-301, DOI: 

10.1080/1351847X.2020.1717569 

Philippas, N., and Avdoulas, C. 2020. “Children of Crisis: Crisis: Financial Literacy and Financial 

Well-being among Generation-Z Business-School Students in Greece.” European Journal of Finance 

26 (4–5): 360–381. 



31 
 

Putri, W. H., Nurwiyanta, N., Sungkono, S., and Wahyuningsih, T. 2019. “The emerging Fintech 

and financial slack on corporate financial performance.” Investment Management and Financial 

Innovations, 16(2), 348-354. 

Rapport annuaire statistique des Petites  et Moyennes  Entreprises  de  l’Économie Sociale  et  de  

l’Artisanat (PMEESA) 2021, juin 2022. 

Rogers E. 1995 “Diffusion of innovations.” The Free Press, New York 

Ryu, H.S. 2018. “What makes users willing or hesitant to use Fintech? The moderating effect of 

user type.” Ind. Manag. Data Syst. 2018, 118, 541–569. 

Sadigov, S., Vasilyeva, T., and Rubanov, P. 2020. “Fintech in economic growth: Cross-country 

analysis. Economic and Social Development.” Book of Proceedings, 729–739. 

Sahay, R., U. Eriksson von Allmen, A. Lahreche, P. Khera, S. Ogawa, M. Bazarbash, and K. 

Beaton. 2020. “The Promise of Fintech: Financial Inclusion in the Post COVID-19 Era.” IMF 

Departmental Paper No. 20/09, International Monetary Fund, Washington, D.C. 

Sahut, J. M., Djoutsa Wamba, L., and Hikkerova, L. 2023. “COVID-19 health crisis and family 

business performance: the moderating effect of family leadership.” Journal of Organizational Change 

Management, 36(1), 119-143. 

Shaban, M., Girardone, C. and Sarkisyan, A. 2020. “Cross-Country Variation in Financial 

Inclusion: Inclusion: A Global Perspective.” European Journal of Finance 26 (4–5) :): 319–340. 

Suri, T. 2017. “Mobile Money” Annual Review of Economics, Vol.9:497-520. http: 

//doi.org/10.1146/annurev-economics-063016-103638 

Thuderoz C., Harrison D. and Mangematin V. 1999. “La théorie de la confiance. Une approche 

économique et sociologique” Gaëtan Morin Éditeur, Paris, 1999, 332 p. 

Venkatesh, V., Thong, J. Y., and Xu, X. 2016. “Unified theory of acceptance and use of 

technology: A synthesis and the road ahead.” Journal of the association for Information Systems, 17(5), 

328-376. 

 Wiener, N. 1954. “Cybernétique et société: The Human Use of Human Beings.” Paris: éditions 

UGE 10/18. 

Williamson, O. 1993. “Calculativeness, Trust and Economic Organization.” Journal of Law and 

Economics 36, 453–486.DOI: 10.1086/467284 

Wolbers, J. J. A. 2017. Financial technologies paving a bright new path for the world’s unbanked 

population. Master Dissertation, University of Groningen.  

Yeo, J. H., and Fisher, P. J. 2017. “Mobile financial technology and consumers’ financial 

capability in the United States.” Journal of Education & Social Policy, 7(1), 80-93. 

Yoshino, N., Morgan, P. J., and Long, T. Q. 2020. “Financial literacy and Fintech adoption in 

Japan” (No. 1095). ADBI Working Paper Series. 

  

http://dx.doi.org/10.1086/467284


32 
 

Appendix 

Table 1: Operationalization of Financial Literacy variable 

Variables Please indicate your level of agreement with the following statements. 

Please select the number corresponding to your answer. 

1- Strongly disagree; 2- Disagree; 3- Somewhat agree; 4- Agree; 5- 

Strongly agree 

Code Authors 

Financial 

Literacy 

It is a good idea for someone to have several bank accounts   KNOW1 Morin et al 

(2012),  

 

Knowstans 

(2015),  

 

 

Lusardi et al., 

(2010),  

 

 

Musundi, 

(2014) 

 

Amisi, (2012) 

 

 

Lusardi and 

Mitchell 

(2015) 

 

You have a good knowledge of the existence of banking products  KNOW2 

You regularly follow the financial news  KNOW3 

You have a good knowledge of insurance products  KNOW4 

The expenses you personally incur are wasteful in nature KNOW5 

You have a good knowledge of the new payment methods (Mobile money, 

Express Union mobile money, credit card, online payment)  

KNOW6 

Financial 

competencies 

You have a good knowledge of the functioning of bank accounts  COM1 

You have a good expertise of bank credit and overdraft operations  COM2 

You have a good understanding of how savings accounts work  COM3 

You have a good understanding of the principle of bank interest calculation  COM4 

You always achieve your personal budget goals COM5 

You always collect the maximum level of information on financial products 

before committing yourself to a financial operation  

COM6 

You Knowsider several sources of information before your financial 

choices  

COM7 

You have sufficient savings for your children's education  COM8 

You have sufficient savings for your retirement  COM9 

You have prepared financial strategies for your retirement COM10 

You have a sufficient level of savings for illness  COM11 

Self-

Confidence 

You have a good comprehension of the financial difficulties you face CONF1 

When it comes to managing your personal finances, you always take advice CONF2 

You trust the staff of financial services and institutions (MFIs, banks, etc.) 

in Cameroon 

CONF3 

You are autonomous in managing your personal finances  CONF4 

You take risks in the management of your personal finances, investments, 

... 

CONF5 

You regret most of your financial decisions  CONF6 

You have a high level of personal confidence in managing your personal 

finances 

CONF7 

You always pay your current transactions on time (no debt to a third party) CONF8 
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Table 2: Knowledge of the existence and use of digital finance instruments  

Variables Variable measurement items CODE Authors 

Please indicate your level of agreement with the following statements. Please select the number 

corresponding to your answer. 1-Not at all; 2-Very little; 3-Moderately; 4-Very well, 5-perfect 
 

 

Morgan 

(2021); 

 

Nguyen 

(2022) 

 

 

 

 

 

Pollari 

(2016) 

 

 

 
Moenjak et 

al., (2020) 

 

 

 

Frame et al. 

(2019) 

 

 

 

 

Fintech tools 

You are familiar with mobile money as a means of payment for day-to-day 

operations in your company 
Fint 1 

You know that the credit card can be used to pay for business transactions Fint 2 

You know that internet can be usedto paysome company’s transactions Fint 3 

You know online donations (internet) can be used to collect your business’ 

funding  
Fint 4 

You know that online (internet) loans can be used to collect your business’ 

funding 

Fint 5 

You know that you can meet partners on the internet who formally participate in 

the financing of your business 
Fint 6 

You know that cryptocurrency is a digital currency that can help you making 

various transactions 
Fint 7 

You know that there are banking applications/software that allow you to do 

certain transactions via your phone or computer 

Fint 8 

Please indicate your level of agreement with the following statements. Please select the number 

corresponding to your answer. 1- Strongly disagree; 2- Disagree; 3- Somewhat agree; 4- Agree; 5- Strongly 

agree 

 

 

 

 

 

Frequency of 

use 

You use mobile payment (mobile money) as a means of payment for operations 

in your company  
FREQ1 

You use the credit card as a means of payment within your company  FREQ 2 

You use internet payment for some of your company’s transaction FREQ 3 

You use crowdfunding as a means of financing for your business  FREQ 4 

You use online lending as an informal financing procedure for your business  FREQ 5 

You use online investing partners to develop your business  FREQ 6 

You use the crypto-currency as a digital currency that can help you make your 

various transactions  
FREQ 7 

You use various banking applications that allow you to perform sometransactions FREQ 8 

 

Table 4: PCA of Financial literacy Variable 

 Factors 

1 2 3 4 5 6 

KNOW 2 0.772 0.283 -0.005 -0.068 0.029 0.050 

KNOW 4 0.757 0.210 -0.176 0.092 0.020 -0.039 

KNOW 5 0.052 -0.135 0.631 0.211 0.053 0.262 

COM 1 0.827 0.087 0.183 -0.098 -0.059 -0.041 

COM 2 0.828 0.194 -0.047 0.041 0.069 -0.076 

COM 3 0.790 0.019 0.160 0.117 0.143 -0.079 

COM 4 0.780 0.242 0.115 0.148 -0.002 -.0052 

COM 6 0.117 0.091 0.210 0.903 0.079 0.052 

COM 7 0.026 0.103 0.147 0.909 0.115 -0.018 

COM 8 0.159 0.904 -0.001 0.050 0.091 0.040 

COM 9 0.185 0.891 0.107 0.157 -0.042 0.059 

COM 10 0.203 0.683 0.020 0.043 0.220 -0.232 

COM 11 0.352 0.722 0.119 0.002 0.062 0.110 

CONF 2 0.216 0.199 0.420 0.228 0.379 0.141 

CONF 3 0.292 0.113 0.656 0.032 -0.142 -0.094 

CONF 4 -0.078 0.005 0.103 0.227 0.780 -0.008 

CONF 5 0.238 0.204 -0.352 -0.182 0.585 0.000 

CONF 6 -0.168 0.039 -0.013 0.031 0.009 0.889 

CONF 7 0.032 0.170 0.532 0.076 0.503 -0.030 

CONF 8 -0.287 0.167 0.641 0.176 0.062 -0.286 

Eigenvalues 5.724 2.830 1.889 1.268 1.156 1.004 

% of explained variance  21.607 15.082 10.154 9.758 7.428 5.326 

Cumulative % explained 

variance  

21.607 36.689 46.843 56.601 64.029 69.354 

KMO Index   0.811    

Barlett Chi Sphericity Test   1701.288 0.000   
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Cronbach's Alpha   0.845    

 

Table 5: PCA of financial literacy global variable 

 Factors 

1 2 

KNOW 1 0.557 0.451 

KNOW 2 0.863 0.002 

KNOW 4 0.874 -0.115 

KNOW 5 -0.094 0.924 

Eigenvalues 1.832 1.065 

% of explained variance  45.664 26.772 

Cumulative % explained variance  45.664 72.435 

KMO Index 0.570  

Barlett Chi Sphericity Test 126.498 0.000 

Cronbach's Alpha  0.546 

 

 

Table 6: PCA of financial Knowledge variable 

 Factors 

1 2 3 

COM 1 0.125 0.881 -0.047 

COM 2 0.267 0.816 0.012 

COM 3 0.068 0.824 0.184 

COM 4 0.260 0.783 0.225 

COM 5 0.286 0.214 0.469 

COM 6 0.065 0.087 0.932 

COM 7 0.069 0.008 0.919 

COM 8 0.917 0.082 0.088 

COM 9 0.901 0.134 0.187 

COM 10 0.729 0.187 0.065 

COM 11 0.759 0.277 0.089 

Eigenvalues 4.486 1.837 1.684 

% of explained variance  27.353 26.580 18.864 

Cumulative % explained variance  27.353 53.933 72.797 

KMO Index  792  

Barlett Chi Sphericity Test  1181.810 0.000 

Cronbach's Alpha  0.848  

 

Table 7: PCA of Financial self-Confidence Variable 

 Factors 

1 2 3 

CONF 4 0.744 0.275 0.136 

CONF 5 0.056 0.905 -0.056 

CONF6 -0.010 -0.025 0.984 

CONF 7 0.808 -0.077 -0.064 

CONF 8 0.620 -0.475 -0.161 

Eigenvalues 1.622 1.115 1.003 

% of explained variance  31.860 22.541 20.393 

Cumulative % explained variance  31.860 54.401 74.794 

KMO Index  0.563  

Barlett Chi Sphericity Test  65.338 0.000 

Cronbach's Alpha  0.581  
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Table 8: PCA of knowledge of Fintech tools variable 

 Factors 

1 2 

Fint 1 0.010 0.999 

Fint 3 0.753 0.024 

Fint 4 0.895 -0.050 

Fint 5 0.926 0.078 

Fint 6 0.914 -0.017 

Eigenvalues 3.062 1.007 

% of explained variance  61.225 20.157 

Cumulative % explained variance  61.225 81.382 

KMO Index 0.797  

Barlett Chi Sphericity Test 554.848 0.000 

Cronbach's Alpha 0.838  

 

Table 9: PCA of frequency of use of Fintech tools Variable 

 Factors 

1 2 3 

FREQ 1 -0.202 -0.100 0.705 

FREQ 2 0.029 0.830 0.115 

FREQ 3 0.199 0.387 0.639 

FREQ 4 0.834 0.114 -0.106 

FREQ 5 0.878 0.065 -0.099 

FREQ 6 0.194 0.726 -0.328 

FREQ 7 0.674 0.135 0.476 

FREQ 8 0.081 0.626 0.353 

Eigenvalues 2.554 1.514 1.177 

% of explained variance  25.571 22.520 17.475 

Cumulative % explained variance  25.571 48.091 65.566 

KMO Index 0.596   

Barlett Chi Sphericity Test 366.169 0.000  

Cronbach's Alpha 0.506   

 

 

 

 


