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The Gender Pay Gap in the Australian Private Sector: 
Is Selection Relevant across the Wage Distribution?* 

 
We use quantile regression and counterfactual decomposition methods to explore gender 
gaps across the earning distribution for full-time employees in the Australian private sector. 
Significant evidence of a self selection effect for women into full-time employment (or of 
components of self selection related to observable or unobservable characteristics) is, 
interestingly, not found to be relevant in the Australian context. Substantial gender earnings 
gaps (and glass ceilings) are established, with these earnings gaps found to be 
predominantly related to women receiving lower returns to their observable characteristics 
than men. 
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 I.  Introduction 

Studies of the gender pay gap across the earnings distribution that allow for possible 

non-random selection of women into full-time employment are relatively new to the 

economics literature. Some recent examples include Albrecht et al., (2009) for the 

Netherlands; Nicodemo (2009) for Mediterranean countries; and Chzhen and 

Mumford (2011) for Britain.  These three studies find significant and substantial 

positive self-selection effects for women into full-time employment and sizable 

adjusted gender pay gaps that are primarily related to gender differences in returns to 

characteristics1.   

 

In the Australian context, Kee (2006) uses the first wave of the Household, 

Income and Labour Dynamics (HILDA 2001) data to consider gender pay gaps across 

the earnings distribution. She finds evidence of a glass ceiling for women in the 

private sector but she does not find significant evidence of self selection of women 

into full-time employment (Kee 2006, footnote 13).  This result is perhaps surprising 

as early Australian studies of gender wage gaps at the mean of the earnings 

distribution established significant sample selection effects for women in the 1982 

full-time labour market (Kidd and Viney, 1991); and for young people aged between 

19 and 26 who were working  full-time in 1985 (Miller and Rummery, 1991).  

Subsequent papers rarely explored selection issues, however, (for a survey see 

Borland 1999). More recently, Watson (2010) pools waves 1 to 8 of the HILDA data 

(2001 to 2008) to consider the pay gap amongst managers; a group of employees 

typically found amongst high earning employees. Watson (2010) uses decomposition 

at the mean techniques to establish a substantial unexplained gender pay gap and he 

finds no significant self-selection effect for women. 

 

Miller (2005) and Baron and Cobb-Clark (2010) further explore gender pay 

gaps across the earnings distribution for Australia. Miller (2005) uses Census data 

from 2001 and finds evidence of a substantial glass ceiling for women. Baron and 

Cobb-Clark (2010) pool waves 1 to 6 of the HILDA data (2001 to 2006) and find 

evidence of glass ceilings in both public and private sectors. Neither Miller (2005) nor 

                                                 
1 The literature on gender wage inequality at the mean is well established (see surveys by Altonji and 
Blank, 1999; Weichselbaumer and Winter-Ebmer, 2005).  



 3 

Baron and Cobb-Clark (2010) explicitly test for possible non-random self-selection of 

women into employment2.  

 

In this paper, we seek to further explore the issue of self-selection of women 

into full-time employment in the Australian private sector. In particular, following 

Kee (2006) we use the quantile regression decomposition method (Machado and Mata, 

2005) to study the gender wage gap in log average hourly earnings across the 

distribution for full-time private sector workers in Australia in 2009 including explicit 

allowance for possible non-random selection of women into full-time employment. 

We further explore the finding of Kee (2006) by applying the recently developed 

selection correction technique presented in Albrecht et al., (2009) which allows for 

decomposition of the selection term into the components associated with observed 

and unobserved characteristics, respectively.  

 

Data and variable selection are discussed in the next section, estimation 

methods and sample selection are considered in section 2, results are presented and 

discussed in sections 3 and 4, and conclusions are presented in section 5. 

 

 

II. Wage Data and the Earnings Function  

The data are taken from the Household, Income and Labour Dynamics (HILDA) 3 

survey which is a nationally representative, annual sample of private Australian 

households. The HILDA survey was launched in 2001. Each year, individual adult 

members (those aged 15 years and over) of households are interviewed over a broad 

range of socioeconomic topics; with particular emphasis on income, labour market 

characteristics, and family formation. HILDA is a rich and relevant data set for our 

purposes. We make use of wave nine of the HILDA data which collects information 

from 2009 and was made available in 2011 (for technical details see Watson, 2009). 

We also include relevant lagged data from 2008.  

 

                                                 
2 Although Miller (2005) does divide his sample by education in his analysis. 
3 FaHCSIA owns all intellectual property rights of the data used in this work. The findings and views 
reported in this work, however, are those of the author and should not be attributed to either FaHCSIA 
or the Melbourne Institute. 
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To focus on the full-time employed (and those least likely to be in full-time 

education or retirement) the sample is restricted to individuals in the 25 to 55 age 

bracket. Non-working and part-time employed men are excluded from the sample as 

are the self-employed; public sector employees; the minority of workers with no 

expected weekly working hours; those reporting working more than 75 hours per 

week; and those with missing data on any of the labour market or personal 

characteristics included in the analysis below. The final sample contains observations 

for 2,896 individuals, of whom 2,312 are waged or salaried workers (1,414 male and 

898 female) in the private sector with a further 584 non-working women. Variable 

definitions and summary statistics for the sub-samples of interest are presented in 

Table 1 (further summary statistics for the samples of interest are provided in Table 

A1 of the Appendix). 

 

II.i  The distribution of wages  

The wage measure used in the analysis is the natural logarithm of average gross 

hourly earnings in main job. It is derived from gross current weekly pay and total 

weekly hours worked. Men’s average hourly wages are substantially higher than 

women’s in Australia (see Table 1): the mean gender earnings gap amongst full-time 

workers is 17 log wage points. The distribution of earnings is considered in Figure 1 

which plots the estimated kernel densities of wages for men and women working full-

time. The distribution of male wages is essentially symmetric, while the 

corresponding female distribution is unsurprisingly somewhat skewed to the left.  

 

The raw (unadjusted) gap in log hourly wages between male and female full-

time employees at each quantile of the distribution4 is plotted in Figure 2; this is the 

difference in the distributions of earnings shown in Figure 1. The gender pay gap can 

be seen to be steadily increasing until around the 70th percentile, thereafter it plateaus 

at some 20 log wage points.  

 

II.ii  The determinants of wages 

Most authors have adopted the human capital model as the theoretical basis for the 

earnings function (Becker, 1962 and 1964; Mincer, 1958). This approach is also used 

                                                 
4 The 95% confidence interval is estimated via bootstrapping with 100 repetitions (see Melly, 2006).  
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here. At the individual employee level, it is assumed that wages increase with 

measures of accumulated skills such as education and work experience. Education is 

measured by the highest educational qualification level achieved (see Table 1). Work 

experience is the accumulated years of actual labour market work experience. The 

earnings function is augmented by the inclusion of further explanatory variables: 

marital status; migrant status (native Australian, migrant from an English speaking 

country, or migrant from a non-English speaking country); occupation; having 

managerial supervisory duties; firm size (as measured by the size of the workforce); 

and region. (Variable definitions and summary statistics are provided in Table 1.) 

 

Considering these characteristics in more detail, 28% of full time working 

women in the private sector in Australia have a degree, 23% of full time working men 

and 23% of non working women do, whilst only 19% of part-time working women 

have degrees. The men have considerably more years of accumulated work 

experience, especially compared to non working women (20.2 years relative to 12.7 

years). Non-working women are slightly less likely to be married than are full-time 

working men. Men are disproportionately represented in the managerial occupation as 

well as in technicians and trades, and amongst machinery operators. In contrast, 

women are over-represented in clerical and administrative occupations and in 

personal services, especially amongst women working part-time.   

 

Allowance for possible non-random selection of women into full-time 

employment is included in the estimation of the earnings functions below (Heckman 

1978; Buchinsky 1998). To identify the selection effect, additional information on the 

age of the youngest child present in the household, (annual) lagged non-own labour 

household income 5 , own age; and the worker’s (annual) lagged response to the 

attitudinal statement “preschool children suffer if the mother works full-time” are 

included in the analysis.6 Non-working women are considerably more likely to have 

                                                 
5 Non own-labour household income is financial year annual gross household income in, the single 
period lag of, the reference period (12 months before the interview) minus the individual’s own gross 
income from labour in that same period.  
6 Fortin (2005) and Albrecht et al., (2009) both stress the importance of including attitudinal (or belief) 
measures in the analysis of women’s employment decisions. This may be particularly important for 
beliefs that vary across individuals and cultural groups (such as the relationship between working hours 
and the perceived ability to be a successful mother). 
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pre-school aged children. They are also considerably more likely to believe that 

preschool children suffer if their mother is working full-time (Table 1).  

 

III. Estimation and selection 

The quantile regression model of Koenker and Bassett (1978) is employed to estimate 

earnings functions for (the two groups, males m and females f, who make up) the 

population j at quantile θ :  

 

Quantθ(Wj |Xj = xj )   = xj βj(θ)         θ ∈[0,1]             (1) 

 

where W is the endogenous variable (the natural log of average hourly earnings); X is 

a stochastic vector of regressors measuring a range of characteristics; and x is the 

realisation of this stochastic vector.  

 

The need to allow for sample selection (such as the non-random probability of 

women working full-time) when estimating an earnings function is well documented 

by Heckman (1979). Buchinsky (1998) proposes a semi-parametric estimator for 

selection correction in the quantile regression model and provides examples. Albrecht 

et al., (2009) employ the Buchinsky method and extend the Machado-Mata (2005) 

decomposition technique to account for selection in the quantile regression 

framework7, by estimating:   

 

Quantθ(Wff |Zff = zf f)   = xff βf(θ)  +  hθ (zff γ )    θ ∈[0,1]          (2) 

 

where f denotes all women; ff denotes those women working full-time; Zff  is the set of 

observable characteristics that influence the probability that a woman works full-time8; 

βf(θ) is the true value of the coefficient corrected for selection at the θth quantile; and 

the term hθ(zffγ) corrects for selection at the θth quantile.  Buchinsky (1998) suggests a 

series estimator (a power series approximation) for this flexible selection term.  

 
                                                 
7 We are very grateful to James Albrecht, Susan Vroman and Aico van Vuuren for advice and the 
generous provision of code used in this analysis. 
8 For identification, Zff also includes at least one variable not included in Xf. The additional variables 
included are discussed more fulsomely in the data section, they are the age of children present in the 
household; lagged non-own labour household income; the lagged worker’s response to the attitudinal 
statement “the family suffers if the mother works full-time”; and own age.  
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^
2

0 1 2( ) ( ) ( ) ( ) ( ) ( ) .ff ff ffh z z zθ γ θ θ τ γ θ τ γ= ∂ + ∂ + ∂ + ⋅⋅⋅                                  (3) 

 

where τ  is the inverse Mills ratio; notably  the δ’s vary with θ; and γ is estimated 

using a single-index method (Ichimura, 1993). The intercept in the wage equation 

(𝛽0
𝑓(𝜃)) and δ0(θ)) are not separately identified in the quantile regression model. 

Following Buchinsky (1998), the intercept in the wage equation is estimated via 

identification at unity (Andrews and Schafgan, 1998).9 

 

Table 2 provides results from standard probit and single index (Ichimura, 1993) 

estimation of the determinants of participating in full-time work by women (in 

columns 1 and 2, respectively)10. Unsurprisingly, women are found to be significantly 

more likely to be working full-time if they have more years of work experience. There 

is some evidence that women with higher education levels are more likely to be 

participating, although these results are not strongly significant. In contrast, being 

married, having high household income (net of own earnings) and the presence of 

young dependent children are all strongly negatively related to the probability of 

women participating in full-time employment. Women are also significantly more 

likely to work full-time if they disagree with the attitudinal statement “the preschool 

child suffers if the mother works full-time”.   

 

Figure 3 plots the difference between the selection-corrected distribution 

(simulated) and the actual distribution of full-time women’s wages in the Australian 

private sector or, in other words, the selection effect across the distribution. In 

accordance with Kee (2006) using earlier data, the selection effect can be seen to be 

insignificantly different to zero (with some small exceptions around the median of the 

distribution). In other words, the women observed to be working full-time in the 

Australian private sector do not typically have higher earnings potential in this work 

than do Australian women in general; this is especially true for women in the lower 

                                                 
9 By choosing a subsample of women whose observable characteristics are such that their probability of 
working is arbitrarily close to one, this subsample can be used to estimate the intercept in the wage 
equation (𝛽0

𝑓(𝜃))  without adjusting for sample selection (Andrews and Schafgan, 1998).  
10 The constant and the coefficient on the first reported continuous variable (years of work experience) 
reported in Table 2 are not identified in the single index model, they are normalised here by setting 
them equal to the corresponding values in the probit model, thereby making the results of the two 
models comparable.  
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(and upper) four deciles of the earnings distribution. 11 The selection effect can be 

decomposed into the portion due to observable characteristics and the portion due to 

unobservable characteristics; this allows us to address the possibility that the two 

portions are offsetting each other.  

 

Modifying the algorithm and sampling from the empirical distribution of full-

time women only (Albrecht et al., 2009) produces a distribution of wages that would 

be observed if women who do not work full-time had the same distribution of 

observed characteristics as those who actually do work full-time. The difference 

between this distribution and the distribution obtained by sampling from data on all 

women gives the portion of the selection effect due to observable characteristics (see 

Figure 3a). The portion due to unobservable characteristics (Figure 3b) is the 

difference between the distribution of wages obtained by sampling from data on full-

time women and the actual distribution of full-time women’s wages.  

 

The portion of the selection effect related to observable characteristics can be 

seen to be statistically insignificantly different to zero for most of the earnings 

distribution with limited evidence of a minor effect between the 20th and 40th 

percentiles and around the 80th percentile (Figure 3a). The portion of the selection 

effect related to unobservable characteristics is similar in size and shape across the 

distribution, but with no significant findings at any quantile, with the exception of a 

small dip at the 80th percentile (Figure 3b). These results reveal that the typically 

insignificant selection effect of women into full-time employment shown in Figure 3 

is indeed related to insignificant differences in both observable and unobservable 

characteristics associated with higher earnings potential between those women who 

work full-time in the private sector and all women. This finding starkly contrasts with 

findings from similar studies for other countries (Albrecht et al., (2009) for the 

Netherlands; Nicodemo (2009) for Mediterranean countries; and Chzhen and 

Mumford (2011) for Britain). Whilst there are many possible explanations, one may 

be the historical under-provision of paid maternity leave in the Australian private 

                                                 
11 The inclusion of the estimated inverse Mills ratio in the earnings regression at the mean is also found 
to be statistically insignificantly different from zero at standard confidence levels. 
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sector. 12  Recent legislation (effective from January 1, 2011) now allows for a 

Federally funded minimum period of 18 weeks of paid parental leave for the primary 

carer (expected to be typically the mother) from the date of birth (or adoption).  

Evidence from the UK suggests that the use of this type of paid leave by mothers is 

associated with mothers maintaining their career profile and higher earnings; and that 

this is especially so for more highly educated women (Gregg et al., 2007). The 

increased availability of this benefit in Australia is likely to lead to a sorting of 

women into those who have characteristics associated with higher pay and who also 

qualify for paid maternity leave from those who don’t, lowering the movements of the 

former in and out of the labour market with the birth of their children (Gordon, 2012). 

Testing this hypothesis will be an interesting area for future research when the data 

become available for Australia.  

 

Including a (positive) selection correction term, in the current example, would 

be expected to lead to incorrect (over) estimates of the true extent of the gender 

earnings gaps in Australia. To reiterate, the results presented in Figures 3, 3a and 3b 

suggest that no selection correction is necessary in the following estimation of the 

earnings functions for these full-time working women.  

 

 

IV. Earnings function results 

Results from the quantile regression estimates of log average hourly earnings 

(equation 1) for men and for women working full-time in Australia are presented in 

panels 1 and 2 of Table 3, respectively.  (Additional estimation results are available 

from the authors upon request.)  

 

The human capital measures (education, experience and experience squared) 

are typically found to be significant across the wage distribution and to have the 

expected relationship with earnings for men (Table 3, panel 1). Furthermore, the 

substantial gains associated with higher education qualifications are increasing with 

higher earnings levels. Having a skilled occupation (especially managerial, 
                                                 
12 In 2010, 55% of large private sector organisations (with 100 or more employees) in Australia 
reported that paid maternity leave was available (on average, an entitlement of some 9 weeks), however, 
many women were not eligible to access this provision (EOWA 2011). In 2003, only 35.6% of these 
large firms had paid maternity leave entitlements (EOWA 2011; page  2) .   
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professional or technical) and carrying out supervisory duties are also associated with 

increasing returns for higher earning males. In contrast, working in a small workplace 

(less than 20 employees) is negatively associated with wages for men and this effect is 

relatively constant across the earnings distribution.  

 

The results are different and less precisely estimated for women working full-

time. The returns to education are substantially lower for women and are not clearly 

rising across the earnings distribution13. This is also true for work experience which is 

not found to have a significant relationship with wages across the earnings 

distribution for women. In contrast, rising returns associated with being a manager are 

clear amongst higher earning women and these are substantially larger returns than 

those found for high earning male managers. Unlike full-time males, the returns 

associated with professional occupations are not substantially higher for those at the 

80th than those at the 20th percentile of the female earnings distribution. Returns 

associated with supervisory duties for women are large and apparently rising with 

higher earnings. 

 

Figure 4 plots the counterfactual log wage gap between full-time working men 

and full-time working women after adjusting for the observable characteristics of 

these employees. In other words, Figure 4 plots the difference between the 

distribution of men’s wages and the (simulated) distribution of wages that women 

would receive  if women had their own returns to characteristics, but the distribution 

of these characteristics are the same as that of the men. Compared with the raw gender 

earnings gap (Figure 2), the adjusted gender earnings gap is very similar, which 

suggests that most of the observed gender wage gap among full-time employees is 

due to differences in returns to labour market characteristics. This is confirmed by  

Figure 5 which provides the counterfactual distribution of the gap between men’s 

wages and the wages that women would earn if women working full-time retain their 

own distribution of characteristics but are rewarded for them like men working full-

time. This gap is typically  not statistically significantly different from zero 

throughout the distribution indicating that the gender gap would essentially disappear 

if these women’s returns to their observed characteristics were equal to the men’s.  

                                                 
13 Significant returns to higher levels of education are observed at the median only. 
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V. Conclusion  

The mean gender wage gap between full-time workers in the Australian private sector 

(in 2009) is found to be substantial at 17 log wage points. Considering the wage gap 

at each percentile of the male and female earning distributions, however, reveals a 

more complex picture: the raw gender wage gap shows a tendency to increase across 

the earnings distribution until around the 70th percentile, it then plateaus at some 20 

log wage points. 

 

  Using quantile regression decomposition methods (Machado and Mata, 2005), 

and including allowance for possible non-random selection of women into full-time 

employment in Australia (Albrecht et al., 2009), we do not find significant evidence 

of sample selection. Decomposing the selection effect further reveals that the 

component related to the observed and the component related to the unobserved 

characteristics of women working full-time are both also typically insignificantly 

different to zero across the earnings distribution. These results imply that selection 

correction is not necessary when estimating the earnings of Australian women 

working full-time in the private sector in 2009; including such a correction may lead 

to an incorrect estimate of the gender wage gap.  

 

After allowing (adjusting) for gender differences in the observable 

characteristics associated with higher earnings, a large full-time gender earning gaps 

remains. The observed gender wage gap is found to be predominantly related to 

women receiving lower rewards for their characteristics than men, rather than having 

a distribution of characteristics associated with lower earnings potential. Indeed, the 

results suggest the gender wage gap between men and women working full-time in 

the Australian private sector in 2009 would essentially disappear if these women’s 

returns to their observed characteristics were equal to the men’s. 
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Table 1  Variable Definitions and Means 
        
Definitions    full time 

men 
full time 
women 

part time 
women 

non working 
women 

(1)    (2) (3) (4) (5) 
         
hourly wage main job   31.16 25.85 25.43 - 
log hourly wage main job   3.34 3.17 3.11 - 
hourly wage all jobs   31.14 25.75 25.28 - 
log hourly wage all jobs   3.33 3.17 3.11 - 
work experience   20.23 18.10 17.28 12.69 
age    38.89 39.24 40.44 40.85 
degree    0.23 0.28 0.19 0.23 
diploma    0.08 0.13 0.11 0.09 
certificate    0.36 0.18 0.25 0.21 
year 12    0.14 0.17 0.17 0.15 
year 11 and below   0.19 0.24 0.27 0.31 
native    0.82 0.76 0.82 0.81 
eng speak immigrant   0.09 0.10 0.09 0.07 
non eng speak immigrant   0.09 0.14 0.09 0.13 
married    0.77 0.69 0.82 0.76 
log Household income net  own earnings 10.25 10.52 10.96 10.90 
disagrees preschool  child suffers if mother  
   works full time 

0.43 0.54 0.47 0.36 

youngest child aged 0-5   0.24 0.09 0.32 0.39 
youngest child aged 6-11   0.14 0.12 0.23 0.14 
youngest child aged 12-15  0.07 0.10 0.12 0.09 
dependent child aged <16  0.45 0.31 0.67 0.62 
Region        
    NSW    0.30 0.27 0.29 0.30 
    Vic    0.25 0.24 0.28 0.21 
    QLD    0.23 0.28 0.23 0.26 
    SA    0.08 0.08 0.09 0.08 
    WA    0.09 0.07 0.08 0.09 
    Tas    0.03 0.03 0.02 0.04 
    NT    0.01 0.01 0.00 0.00 
    ACT    0.01 0.01 0.02 0.01 
supervisory duties   0.60 0.54 0.39 - 
size of firm workforce       
    less than 20    0.37 0.33 0.57 - 
    20-199    0.41 0.44 0.32 - 
    200 or over    0.22 0.23 0.11 - 
Occupation        
    managers    0.19 0.15 0.04 - 
    professional    0.18 0.21 0.12 - 
    technicians and trades   0.24 0.06 0.06 - 
     community and personal   
     services 

   0.02 0.07 0.11 - 

     clerical and administrative  0.07 0.30 0.33 - 
     sales workers    0.07 0.11 0.21 - 
     machinery operators and drivers  0.15 0.02 0.01 - 
    labourer    0.08 0.08 0.12 - 
        
number of observations   1414 477 421 584 
        
Source: HILDA, wave 9, 2009. 
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Figure1.  Kernel density earnings estimates for full-time men and women 
 

 
 
 
 
 
 
Figure 2. Unadjusted gender log wage gap, full-time employees in the private sector. 
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Table 2. Estimates of the incidence of full time work amongst women 

 
Probit (1) 

 
Single Index (2) 

 
B Std. Err. 

 
B Std. Err. 

work experience 0.106* 0.02 
 

0.106 
 work experience squared -0.001* 0.0004 

 
-0.001* 0.0002 

highest level of education (ref: university) 
         Diploma 0.060 0.13 

 
0.050 0.05 

    Certificate  -0.273* 0.11 
 

-0.183* 0.05 
    Year 12 -0.010 0.12 

 
-0.040 0.05 

    Year 11 or below -0.132 0.11 
 

-0.076 0.05 
age -0.091* 0.01 

 
-0.048 0.00 

married -0.141 0.09 
 

-0.087* 0.04 
Migrant status (ref: native) 

         eng speak immigrant 0.164 0.13 
 

0.058 0.05 
    non eng speak immigrant 0.312* 0.11 

 
0.160* 0.05 

disagrees that preschool child suffers 
    if mother works full time 0.231* 0.08 

 
0.118* 0.04 

youngest child aged 0-5 -1.420* 0.11 
 

-0.783* 0.08 
youngest child aged 6-11 -0.652* 0.10 

 
-0.613* 0.07 

log household income net own earnings -0.151* 0.03 
 

-0.079* 0.01 
constant 3.692* 0.44 

 
3.692 

 
      number of observations 1735   

 
1735 

 Source: HILDA, Wave 9, 2009. * represents significance at p<0.05.  The constant and work experience coefficients in the 
single index model are normalised. Controls are included for region.  
 

 
 
Figure 3.  Sample selection 
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Figure 3a.  Selection on observables 

  
 
 
 
 
Figure 3b.  Selection on unobservables 
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Table 3.  Estimated earnings at example percentiles.  

 

  
Men 
  

  
Women 
  

percentile 20 50 80 20 50 80 

       highest level of education 
(ref: university) 

          Diploma -0.190* -0.215* -0.266* -0.156 -0.196* -0.050 
    Certificate  -0.282* -0.289* -0.347* -0.158 -0.230* -0.215* 
    Year 12 -0.201* -0.252* -0.289* -0.069 -0.252* -0.180* 
    Year 11 or below -0.327* -0.316* -0.409* -0.149 -0.269* -0.110 
work experience 0.032* 0.031* 0.037* 0.015 0.016 0.015 
work experience squared -0.001* -0.001* -0.001* -0.0003 -0.0003 -0.0002 
married 0.095 * 0.101* 0.062 -0.011 -0.002 -0.014 
Migrant status (ref: native) 

        eng speak immigrant -0.027 0.022 0.040 -0.022 -0.001 0.016 
   non eng speak immigrant -0.106* -0.121* -0.123 0.070 -0.034 0.062 
supervisory duties 0.057* 0.092* 0.089* 0.054 0.070* 0.126* 
Size of firm (ref: workforce<20) 

        workforce 20-199 0.115* 0.102* 0.117* 0.072 0.033 0.002 
   workforce >200 0.324* 0.308* 0.347* 0.195* 0.219* 0.194* 
Occupation (ref: labourer) 

        managers 0.183* 0.235* 0.342* 0.345* 0.314* 0.592* 
   professional 0.235* 0.291* 0.297* 0.368* 0.350* 0.440* 
   technicians and trades 0.169* 0.210* 0.211* 0.157 0.127 0.282 
   community and personal  
   services 0.029 0.073 0.028 0.078 -0.026 0.012 
   clerical and administrative 0.092 0.108* 0.132 0.208 0.143* 0.153* 
   sales workers 0.035 -0.016 0.051 0.093 0.036 0.068 
   machinery operators and  
   drivers 0.050 0.056 0.068 0.084 0.088 0.559 
constant 2.575* 2.796* 3.065* 2.540* 2.880* 2.946* 

       Pseudo R-squared 0.20 0.24 0.26 0.15 0.23 0.31 
Number observations 1414 1414 1414 477 477 477 

Source: HILDA, Wave 9, 2009. * represents significance at p<0.05. The constant and work experience coefficients 
in the single index model are normalised. Controls are included for region.  
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Figure 4. Log wage gap between full-time men’s wages and the 
wages that full-time women would earn if they had men’s distribution of 
characteristics and women’s returns to these characteristics 
 

   
 
 
 
 
Figure 5.  Log wage gap between full-time men and full-time women paid like men  
 

 
Controls included for education, experience, marital status, region, supervisory duties, 
size of the workplace and occupation. 
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Appendix.  Table A1.  Descriptive statistics.  
    

  
female full time 

   
male full time 

   
female part time 

  
female non working 

 
mean s. dev min max 

 
mean s. dev min max 

 
mean s.dev min max 

 
mean s. dev min Max 

Average gross hourly wage 25.75 11.65 4.9 88.9 
 

31.14 15.87 1.5 141.5 
 

25.28 17.61 2.0 200.0 
     log  average gross hourly wage 3.17 0.40 1.6 4.5 

 
3.33 0.45 0.4 5.0 

 
3.11 0.46 0.7 5.3 

     work experience 18.10 8.93 2.9 39.5 
 

20.23 9.30 1.9 40.8 
 

17.28 8.27 0.9 42.8 
 

12.69 8.38 0.0 37.8 
education 

                       degree 0.28 0.45 0.0 1.0 
 

0.23 0.42 0.0 1.0 
 

0.19 0.40 0.0 1.0 
 

0.23 0.42 0.0 1.0 
    diploma 0.13 0.34 0.0 1.0 

 
0.08 0.27 0.0 1.0 

 
0.11 0.31 0.0 1.0 

 
0.09 0.29 0.0 1.0 

    certificate 0.18 0.39 0.0 1.0 
 

0.36 0.48 0.0 1.0 
 

0.25 0.43 0.0 1.0 
 

0.21 0.41 0.0 1.0 
    year 12 0.17 0.37 0.0 1.0 

 
0.14 0.34 0.0 1.0 

 
0.17 0.38 0.0 1.0 

 
0.15 0.36 0.0 1.0 

    year 11 and below 0.24 0.42 0.0 1.0 
 

0.19 0.39 0.0 1.0 
 

0.27 0.44 0.0 1.0 
 

0.31 0.46 0.0 1.0 
native 0.76 0.42 0.0 1.0 

 
0.82 0.39 0.0 1.0 

 
0.82 0.39 0.0 1.0 

 
0.81 0.40 0.0 1.0 

eng speak immigrant 0.10 0.29 0.0 1.0 
 

0.09 0.29 0.0 1.0 
 

0.09 0.28 0.0 1.0 
 

0.07 0.25 0.0 1.0 
non eng speak immigrant 0.14 0.35 0.0 1.0 

 
0.09 0.29 0.0 1.0 

 
0.09 0.29 0.0 1.0 

 
0.13 0.33 0.0 1.0 

married 0.69 0.46 0.0 1.0 
 

0.77 0.42 0.0 1.0 
 

0.82 0.39 0.0 1.0 
 

0.76 0.43 0.0 1.0 
age 39.24 9.04 25.0 55.0 

 
38.89 8.63 25.0 55.0 

 
40.44 8.15 25.0 55.0 

 
40.85 8.94 25.0 55.0 

log Household income net own earnings 10.52 1.49 4.0 13.7 
 

10.25 1.32 3.6 12.9 
 

10.96 0.93 4.2 13.0 
 

10.90 1.02 3.0 13.7 
disagree that preschool child suffers if mother works full time 0.54 0.50 0.0 1.0 

 
0.43 0.49 0.0 1.0 

 
0.47 0.50 0.0 1.0 

 
0.36 0.48 0.0 1.0 

youngest child aged 0-5 0.09 0.29 0.0 1.0 
 

0.24 0.43 0.0 1.0 
 

0.32 0.47 0.0 1.0 
 

0.39 0.49 0.0 1.0 
youngest child aged 6-11 0.12 0.32 0.0 1.0 

 
0.14 0.34 0.0 1.0 

 
0.23 0.42 0.0 1.0 

 
0.14 0.34 0.0 1.0 

youngest child aged 12-15 0.10 0.30 0.0 1.0 
 

0.07 0.25 0.0 1.0 
 

0.12 0.33 0.0 1.0 
 

0.09 0.29 0.0 1.0 
dependent child aged <16 0.31 0.46 0.0 1.0 

 
0.45 0.50 0.0 1.0 

 
0.67 0.47 0.0 1.0 

 
0.62 0.49 0.0 1.0 

supervisory duties 0.54 0.50 0.0 1.0 
 

0.60 0.49 0.0 1.0 
 

0.39 0.49 0.0 1.0 
     size of firm workforce <20 0.33 0.47 0.0 1.0 

 
0.37 0.48 0.0 1.0 

 
0.57 0.50 0.0 1.0 

     size of firm workforce 20-199 0.44 0.50 0.0 1.0 
 

0.41 0.49 0.0 1.0 
 

0.32 0.47 0.0 1.0 
     size of firm workforce >200 0.23 0.42 0.0 1.0 

 
0.22 0.41 0.0 1.0 

 
0.11 0.31 0.0 1.0 

     Occupation 
                       managers 0.15 0.36 0.0 1.0 

 
0.19 0.39 0.0 1.0 

 
0.04 0.20 0.0 1.0 

         professional 0.21 0.41 0.0 1.0 
 

0.18 0.38 0.0 1.0 
 

0.12 0.33 0.0 1.0 
         technicians and trades 0.06 0.25 0.0 1.0 

 
0.24 0.43 0.0 1.0 

 
0.06 0.24 0.0 1.0 

         community and personal services 0.07 0.26 0.0 1.0 
 

0.02 0.15 0.0 1.0 
 

0.11 0.32 0.0 1.0 
         clerical and administrative 0.30 0.46 0.0 1.0 

 
0.07 0.25 0.0 1.0 

 
0.33 0.47 0.0 1.0 

         sales workers 0.11 0.31 0.0 1.0 
 

0.07 0.25 0.0 1.0 
 

0.21 0.41 0.0 1.0 
         machinery operators and drivers 0.02 0.14 0.0 1.0 

 
0.15 0.35 0.0 1.0 

 
0.01 0.11 0.0 1.0 

         labourer 0.08 0.27 0.0 1.0 
 

0.08 0.28 0.0 1.0 
 

0.12 0.32 0.0 1.0 
     Region 

                       NSW 0.27 0.44 0.0 1.0 
 

0.30 0.46 0.0 1.0 
 

0.29 0.45 0.0 1.0 
 

0.30 0.46 0.0 1.0 
    Vic 0.24 0.43 0.0 1.0 

 
0.25 0.44 0.0 1.0 

 
0.28 0.45 0.0 1.0 

 
0.21 0.41 0.0 1.0 

    QLD 0.28 0.45 0.0 1.0 
 

0.23 0.42 0.0 1.0 
 

0.23 0.42 0.0 1.0 
 

0.26 0.44 0.0 1.0 
    SA 0.08 0.28 0.0 1.0 

 
0.08 0.27 0.0 1.0 

 
0.09 0.28 0.0 1.0 

 
0.08 0.28 0.0 1.0 

    WA 0.07 0.26 0.0 1.0 
 

0.09 0.29 0.0 1.0 
 

0.08 0.27 0.0 1.0 
 

0.09 0.28 0.0 1.0 
    Tas 0.03 0.18 0.0 1.0 

 
0.03 0.16 0.0 1.0 

 
0.02 0.13 0.0 1.0 

 
0.04 0.19 0.0 1.0 

    NT 0.01 0.11 0.0 1.0 
 

0.01 0.10 0.0 1.0 
 

0.00 0.05 0.0 1.0 
 

0.00 0.06 0.0 1.0 
    ACT 0.01 0.09 0.0 1.0 

 
0.01 0.12 0.0 1.0 

 
0.02 0.14 0.0 1.0 

 
0.01 0.12 0.0 1.0 

                    Number of observations 477 
    

1414 
    

421 
     

584 
                      Source: HILDA Wave 9, 2009. 




